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Foreword

The 2030 Agenda calls “eradicating pov-
erty in all its forms and dimensions... the
greatest global challenge and an indispen-
sable requirement for sustainable develop-
ment.” At the start of the Third UN Dec-
ade for the Eradication of Poverty there is
a clear need for concerted, creative, and
rigorous efforts to measure and reduce
multidimensional poverty in a way that
ensures that no one is left behind.

To catalyze such progress the United Na-
tions Development Programme (UNDP)
and the Oxford Poverty and Human De-
velopment Initiative (OPHI) at the Uni-
versity of Oxford have reinvigorated their
collaboration to develop a new version of
the global Multidimensional Poverty In-
dex (MPI). This collaboration started in
2010 when the first global MPI was pub-
lished in the Human Development Report
(HDR).

In more ways than one, the 2030 Agen-
da is a culmination of a multidimensional
approach to sustainable development pio-
neered by UNDP’s Human Development
Report Office. That approach is premised
on simple but big ideas: development is
multi-faceted, and people must be at the
center of sustainable development. These
ideas have shaped development theory
and practice for several decades. They may
appear self-evident today, but they should
not be taken for granted.

The 2030 Agenda tells us that sustaina-
ble development is complex and integrat-
ed, and can only be addressed holistically
and systemically. Since the adoption of
the 2030 Agenda, UNDP has led the UN
system in providing integrated support for
the implementation of the 2030 Agenda at
the national level. With this revision of the
global MPI, which closely aligns with the
Sustainable Development Goals (SDGs),
UNDP is taking a further step in that di-

rection.

The MPI is already one of the preeminent
tools to understand the many forms of
poverty experienced by those left behind.
The 2018 global MPI sharpens the picture
of poverty worldwide, but it is about more
than SDG1. The MPI assesses the inter-
secting impact of policy choices across
multiple SDGs, and it gives us evidence to
support integrated responses to complex
development challenges.

However, we must recognize that the MPI
alone still does not give us the full and pre-
cise picture of poverty deprivations. There
are other complementary instruments,
such as HDROs Human Development



Index and related indices, that shed light
on parts of the picture. And there are
parts of the picture that remain stubborn-
ly dark, indicating either a gap in data or
limitations in existing instruments. Only
through collaboration and partnerships,
building on the strengths and complemen-
tarity of many stakeholders, can we hope
to provide the full picture of poverty need-
ed to inform policymaking.

The 2030 Agenda is ambitious and may
seem out of reach. But the findings in
this report show that the world is making
significant progress in reducing multidi-
mensional poverty. UNDP is committed
to working with OPHI and other partners
in the coming months and years, to sup-
port multidimensional approaches to im-
plementation and monitoring of the 2030
Agenda at global and national levels.

Abdoulaye Mar Dieye
Assistant Secretary-General, Director,
Bureau for Policy and Programme

Support, UNDP
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Findings at a Glance

The 2018 global Multidimensional Pov-
erty Index (MPI) is an internationally
comparable measure of acute poverty for
105 countries, covering 5.7 billion people
(approximately 75% of the global pop-
ulation). It is a valuable complement to
income poverty measures as the MPI cap-
tures the simultaneous deprivations that
each person experiences in ten indicators.

The global MPI was first developed in
2010 by the United Nations Develop-
ment Programme (UNDP) and the Ox-
ford Poverty and Human Development
Initiative (OPHI) at the University of Ox-
ford for the UNDP flagship publication
Human Development Report. The global
MPI is updated at least once per year to
include newly released data.

For the 2018 global MPI, five of the ten
indicators have been revised jointly by
OPHI and UNDP to align the MPI with
the 2030 Agenda. This is in response to
the Agenda’s call for a better measure of
progress toward Sustainable Development
Goal 1 — “to end poverty in all its forms”
—and to help achieve the principle of leav-
ing no one behind.

KEY FINDING: 1.34 billion people live in
multidimensional poverty in the 105

developing countries for which the
2018 global MPI is estimated.

— This represents 23.3% — nearly a quar-
ter — of the population of the 105
countries for which the 2018 MPI is
calculated. These people are being left

behind in multiple ways. They are de-
prived in at least one-third of overlap-
ping deprivations in health, education,
and living standards, lacking such
things as clean water, sanitation, ade-
quate nutrition, or primary education.

— The scale and detail of multidimen-
sional poverty profiled here suggests
that income and consumption fig-
ures need to be complemented with
multidimensional measurement for a
more in-depth picture.

KEY FINDING: Multidimensional poverty is
found in all developing regions of the

world, but it is particularly acute in

Sub-Saharan Africa and South Asia.

— These two regions account together
for 83% of all multidimensional-
ly poor people in the world — more
than 1.1 billion.

KEY FINDING: Two-thirds of all multidi-
mensionally poor people live in mid-
dle-income countries.

— 892 million people in middle-income
countries experience deprivations in
nutrition, schooling, and sanitation,
just like those in low-income countries.

KEY FINDING: In India, 271 million peo-
ple moved out of poverty between
2005/6 and 2015/16, but the country
still has the largest number of people
living in multidimensional poverty in

the world (364 million people).
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India has cut its poverty rate from
55% to 28% in ten years. This has
parallels with the phenomenal lev-
el of poverty reduction achieved in
China a decade or so earlier.

FINDING: The level of global child
poverty is staggering: children ac-
count for virtually half (49.9%) of
the world’s poor. Worldwide, over
666 million children live in multidi-
mensional poverty.

In 34 countries, at least half of all
children are MPI poor. In South Su-
dan and Niger, over 90% of all chil-
dren are MPI poor.

Nearly two-thirds (64%) of Sub-Sa-
haran Africa’s children are multidi-
mensionally poor; in South Asia,
39% of children are multidimen-
sionally poor.

FINDING: About 612 million people
— 46% of those who are multidimen-
sionally poor — live in severe poverty,
that is, they are deprived in at least half
of the weighted indicators in health,
education, and living standards.

Sub-Saharan Africa, with 342 mil-
lion people living in severe poverty,
accounts for 56% of the world’s se-
verely poor.

KEY

KEY

KEY

FINDING: After India (364 million
people), the countries with the larg-
est number of people living in multi-
dimensional poverty are Nigeria (97
million), Ethiopia (86 million), Pa-
kistan (85 million), and Bangladesh
(67 million).

FINDING: Moving beyond country-
level averages, the 2018 MPI is avail-
able for 1,127 subnational regions —
showing within-country variations of
multidimensional poverty levels for
88 countries.

FINDING: Multidimensional poverty
is much more intense in rural areas.
Globally there are 1.1 billion people
living in multidimensional poverty
in rural areas and 0.2 billion people
living in multidimensional poverty
in urban areas.

The starkest differences between rural
and urban poverty are in countries of

Sub-Saharan Africa.
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GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

Introduction

Multidimensional poverty considers the
many overlapping deprivations that poor
people experience. Explaining their disad-
vantages, people living in poverty regular-
ly describe lack of education, poor health
and nutrition, ramshackle housing, unsafe
water and so on. These deprivations reflect
the lived experiences of many poor peo-
ple and the obstacles they face in achiev-
ing valuable capabilities. And they moti-
vate the Sustainable Development Goals
(SDGs) emphasis on addressing poverty
in all its forms and dimensions (see Box
on page 2).

A Multidimensional Poverty Index (MPI)
takes a profile of each person’s simultane-
ous challenges as its point of departure
and uses it to measure non-monetary pov-
erty (see Box on page 3). The motivation
for doing so is to complement monetary
poverty measures with relevant actiona-
ble insights. Nobel Laureate Amartya Sen
observes that the “coupling’ of disadvan-
tages between different sources of dep-
rivation... can be a critically important
consideration in understanding poverty
and in making public policy to tackle it”
(2009: 256).

This report presents the global MPI 2018,
a newly revised index based on a short
but powerful list of 10 deprivations. The
box on pages 5-6 presents the structure
of the global MPI 2018 — dimensions,
indicators, weights and cutoffs. Concep-
tually, the global MPI draws on Amartya

Sen’s capability perspective, which “is ines-
capably concerned with a plurality of dif-
ferent features of our lives and concerns”
(2009:233). Empirically, the global MPI
is deeply constrained by data and limited
in relevance by the tremendous diversi-
ty of people’s lives. Yet it seeks to sustain
and energize attention on key disadvan-
tages by offering the most detailed picture
of poverty to date. But what is the global
MPI? How is it made so as to align with
the SDGs and with other priorities such as
Agenda 2063 and the Third UN Decade
for the Eradication of Poverty? And what
data underlie it?

WHAT IS THE GLOBAL MPI?

The global MPI is an internationally com-
parable measure of acute poverty for over
100 countries situated in developing re-
gions. It complements global monetary
poverty measures by capturing the simulta-
neous deprivations that each person experi-
ences in ten indicators related to education,
health and living standards. In 2018, five of
the ten indicators have been revised.

WHERE DID THE GLOBAL MPI COME
FROM?

The global MPI was developed in 2010
by the United Nations Development Pro-
gramme (UNDP) and the Oxford Pov-
erty and Human Development Initiative
(OPHI) in the University of Oxford for
the UNDP’s flagship Human Development
Reports. The numbers and analysis are up-
dated at least once per year to include new-



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

THE GLOBAL MPI
AND THE SUSTAINABLE DEVELOPMENT GOALS

Launched in 2010, the global MPI already encompassed some of the values em-
bodied by the SDGs. For example, rather than focusing on a single aspect of pov-
erty, the global MPI depicts poverty in its many forms and dimensions. Rather than
viewing challenges one by one, in silos, the MPI shows how deprivations are con-
cretely interlinked in poor people’s lives. Rather than providing only national head-
lines, the global MPI is disaggregated by subnational region, area, ethnicity, or age
cohort. The indicators underlying the global MPI 2018 have been revised to better
align with the SDGs. So how does the global MPI1 2018 support the SDG agenda?

SDG GOAL 1 OF 17. End Poverty in All Its Forms Everywhere. The preamble to
the 2030 Agenda for Sustainable Development which defined the SDGs states
that “eradicating poverty in all its forms and dimensions... is the greatest global
challenge and an indispensable requirement for sustainable development.” The
global MPl addresses multidimensional poverty, focusing on the critical dimensions
of health, education, and living standards.

SDGTARGET 1.2. Poverty in all its dimensions. The second out of 169 Targets in the
SDGs calls for countries to halve the proportion of men, women, and children living
in poverty in all its dimensions. Poverty is understood to be both multidimensional
and measurable. The official national MPIs developed by countries to reflect their
particular context and the global MPI, like national income poverty measures and
$1.90/day, both assess progress in poverty reduction: one with respect to national
priorities and the other in a comparative perspective.

LEAVE NO ONE BEHIND. The 2030 Agenda for Sustainable Development pledges
that “no one will be left behind”. Putting this idea into practice, the global MPI
considers the depth or intensity of an individual’s poverty, going beyond the
overall number of poor people (headcount ratio) and providing measurement
incentives to reduce the deprivations of the poorest — even if they don't yet exit
poverty. This promotes policies that “leave no one behind”. Disaggregation of the
MPI by region, age, and urban/rural area identifies specific pockets of poverty.
This enables more targeted policies and actions, and helps ensure that particular
areas and groups are not left behind.

INTERLINKAGES ACROSS SDGs. The global MPI reflects deprivations each person
faces in multiple SDG areas - education, water and sanitation, health, housing,
etc. Connecting to at least seven SDGs, the MPI brings many concerns together
into one headline measure. And, since people are MPI poor if they are deprived in
one-third of the weighted indicators, the MPI focuses on people who are being left
behind in multiple SDGs at the same time.
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POVERTY PROFILE: KARI, INDIA

Kari is a 45-year-old woman who lives in her birthplace village in Bihar, India. She
was married to her husband when she was 13, and they have a son and three
daughters. The family is Hindu and belongs to the Musahar caste.

During certain seasons, Kari finds agricultural employment related to the crop
cycle, often walking 15 kilometers to work. Over time, her left hand has become
partially paralyzed. Nonetheless, she strives to work as much as she can. She sows
seeds and is occasionally employed by farmers in weeding, for which she is paid
INR 25 a day — much less than the prevailing wage due to her disability. During
harvesting, she gathers the paddy and wheat crops. Being seasonal, harvesting
work barely lasts for more than four weeks per year. She is paid in kind and can
keep one-ninth of the produce that she helps to harvest. Overall, Kari works for less
than two months annually, with no guarantee of daily employment. Her husband
works half the year in Punjab, and their children have left home. Although proud
of their children, Kari and her husband regret being unable to educate any of them
due to needing “all hands on board".

Kari wakes at 5 am every day, washes at the side of the road, sweeps the house,
and then collects firewood for household fuel. As an activist, she is also a member
of a federation of four women'’s self-help groups. Boasting over 100 members, they
are known for engaging local officials and political leaders on a range of issues
affecting the villages. Kari realizes that she is living through interesting times. For
years, women like her were stigmatized. Today, thanks to a series of affirmative
action steps taken by the Bihar state government, they can access various
government schemes. Yet Kari’s household is still poor according to the Indian
government’s Below Poverty Line survey instrument and the MPI. The shaded
boxes of the figure below show the deprivations that her household faces across
the MPI.

10 Indicators

Child School
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3 Dimensions of Poverty
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Electricity
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ly released data. The revised global MPI is
the joint work of OPHI and UNDD, and
serves to better align the global MPI with
the SDGs (Alkire and Jahan 2018).

HOW IS IT COMPUTED?

The global MPI uses the Alkire-Foster
(AF) method to measure multidimension-
al poverty. The AF method sums up the
deprivations each person experiences in a
weighted deprivation score, identifies who
is poor, and aggregates this information
into a headline and associated information
platform. It has come to be widely used be-
cause of its simplicity yet specificity. There
are three key figures for the global MPI
(See box on page 8):

* Incidence is the percentage of people
who are poor (or headcount ratio, H).

o Intensity is the average share of indi-
cators in which poor people are de-

prived (A).
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e MPI is the multidimensional poverty
index, which is the product of inci-

dence and intensity (MPI = H x A).

The recent World Bank Commission
Monitoring Global Poverty chaired by Sir
Tony Atkinson advised that global poverty
monitoring should include a non-monetary
MPI using this methodology (World Bank
2017) to complement the international
monetary poverty line.

IS THE GLOBAL MPI JUST ONE NUMBER?
The MPI is reported with an associat-
ed information platform that shows the
number and percentage of people who
are poor. The information platform also
shows the intensity and composition of
poverty by each indicator. It shows who is
poor (incidence), how poor they are (in-
tensity), and how they are poor (by each
indicator). To focus further, the MPI is
disaggregated — by age group and urban/




GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

THE GLOBAL MPI1 2018: STRUCTURE AND DATA

This report marks the launch of a new version of the global MPI that is adapted to the SDGs
and makes use of newly available data. The 2018 global MPI uses the same methodology
as in previous years but has changes in indicators to reflect these new developments.
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DIMENSIONS, INDICATORS, WEIGHTS, AND CUTOFFS. The global MPI is composed of
three dimensions (health, education, and living standards) and 10 indicators. Each dimension
is equally weighted, and each indicator within a dimension is also equally weighted. A
person is identified as multidimensionally poor if they are deprived in at least one third of
the weighted indicators.

GLOBAL MPI 2018 INDICATOR CHANGES. The changes from the original MPI are in the
indicators for nutrition, child mortality, years of schooling, housing, and assets. Nutrition
now also considers child stunting and age-specific BMI cutoffs. For child mortality, the 2018
global MPI considers only child deaths within the five-year period preceding the survey, if
this information is available. In the years of schooling indicator, the new measure requires
six years of schooling to be non-deprived, not five. For housing, a person is deprived if they
have inadequate housing materials for their roof, walls, or floor — not just floor. Computer
and animal cart were added to the list of assets for which a person is considered deprived if
they do not own one.

DATA. In 2018, the global MPI relies on Demographic and Health Surveys (DHS) for 52
countries, Multiple Indicator Cluster Surveys (MICS) for 42 countries, two combined DHS-
MICS surveys, three Pan Arab Project for Family Health (PAPFAM) surveys, plus national
surveys for China, Ecuador, Jamaica, Mexico, and South Africa. The 2018 tables use data
that was gathered 2006-2016." Ninety-six of the datasets date from 2010 to 2016, and 63
were fielded in 2014 to 2016. The population covered by the 2018 global MPI represents
5.73 billion people, a total aggregated using 2016 population figures.

1.Two datasets, Burundi and Nigeria, contain data from 2016-2017.




GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

DIMENSIONS SDG
OF SRV INDICATOR AREA DEPRIVED IF... WEIGHT

Any person under 70 years of age for
Nutrition SDG 2 whom there is nutritional information 1/6
is undernourished.

Health

Any child has died in the family in the

Stz sy SRCl five-year period preceding the survey.

1/6

No household member aged 10 years
Years of schooling SDG 4 or older has completed six years 1/6
of schooling.

Education
Any school-aged child* is not attending
School attendance | SDG 4 school up to the age at which he/she 1/6
would complete class 8.

A household cooks with dung,
Cooking fuel SDG7 agricultural crop, shrubs, wood, 1/18
charcoal or coal.

The household’s sanitation facility is not
improved (according to SDG guidelines)
or it is improved but shared with other
households.

Sanitation SDG 11 1/18

The household does not have access to
improved drinking water (according to
Drinking water SDG 6 SDG guidelines) or safe drinking water 1/18
is at least a 30-minute walk from

Living home, roundtrip.
Standards

Electricity SDG 7 The household has no electricity. 1/18

The household has inadequate housing:
Mensing SDG 11 the floor is of natural mate.nals or 118
the roof or walls are of rudimentary

materials.

The household does not own more
than one of these assets: radio, TV,
Assets SDG 1 telephone, computer, animal cart, 1/18
bicycle, motorbike, or refrigerator, and
does not own a car or truck.

+

Data source for age children start compulsory primary school: DHS, MICS and national country reports, United Nations Educational,
Scientific and Cultural Organization, Institute for Statistics database, Table 1. Education (full dataset) [UIS, link ].

x

Adults 20 to 70 years are considered malnourished if their Body Mass Index (BMI) is below 18.5 m/kg? Those 5 to 20 are identified as mal-
nourished if their age-specific BMI cutoff is below minus two standard deviations. Children under 5 years are considered malnourished if
their z-score of either height-for-age (stunting) or weight-for-age (underweight) is below minus two standard deviations from the median
of the reference population. In a majority of the countries, BMI-for-age covered people aged 15 to19 years, as anthropometric data was
only available for this age group; if other data were available, BMI-for-age was applied for all individuals above 5 years and under 20 years.

*

x

A household is considered to have access to improved sanitation if it has some type of flush toilet or latrine, or ventilated improved pit
or composting toilet, provided that they are not shared. If survey report uses other definitions of “adequate” sanitation, we follow the
survey report.

A household has access to clean drinking water if the water source is any of the following types: piped water, public tap, borehole or
pump, protected well, protected spring or rainwater, and it is within 30 minutes’ walk (round trip). If survey report uses other definitions
of “safe” drinking water, we follow the survey report.

o0t Deprived if floor is made of mud/clay/earth, sand, or dung; or if dwelling has no roof or walls or if either the roof or walls are constructed
using natural materials such as cane, palm/trunks, sod/mud, dirt, grass/reeds, thatch, bamboo, sticks, or rudimentary materials such as
carton, plastic/ polythene sheeting, bamboo with mud/stone with mud, loosely packed stones, adobe not covered, raw/reused wood,
plywood, cardboard, unburnt brick, or canvas/tent.
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rural area, and (data permitting) by sub-
national region or characteristics such as
ethnicity and disability status — to see how
poverty differs within a society. Results
identify those on the cusp of poverty and

those suffering from severe poverty.

HOW RECENT AND COMPLETE ARE THE
DATA USED?

Recent data:
In terms of the years of coverage,

* Thirty-two countries with 2.58 billion
people and 797 million poor people
draw on data from 2015-2016.

* Thirty-five countries with 2.46 billion
people and 390 million MPI poor peo-
ple draw on data from 2013-2014.

* Twenty-three countries with 541 mil-
lion people and 89 million MPI poor
people draw on data from 2011-2012.

* Fifteen countries with 151 million
people and 68 million MPI poor peo-
ple draw on data from 2006-2010.

Thus information for 59% of MPI poor
people draws on surveys that were field-
ed in 2015 or later, and information for
88% of MPI poor people draws on sur-
veys fielded in 2013 or later. That being
said, the year must always be taken into
consideration when analyzing the MPI.

Indicator coverage: As mentioned, in
2018, the global MPI relies on DHS,
MICS and PAPFAM surveys plus nation-
al surveys, all dated 2006-2016." Of the
105 countries covered by the global MPI,
87 have information for all ten indica-
tors. Seven countries (Afghanistan, Co-

lombia, Dominican Republic, Indonesia,
Philippines, Ukraine, and Viet Nam) lack
information on nutrition. Seven coun-
tries (Barbados, Bosnia and Herzegovina,
Jamaica, the former Yugoslav Republic
of Macedonia, Mexico, Saint Lucia, and
Suriname) lack information on child
mortality. Egypt lacks information on
cooking fuel, Honduras on electricity,
and China on housing. Philippines also
lacks information on school attendance
— the only country without data on two
indicators. If an indicator is missing, the
remaining indicators in that dimension
are re-weighted such that each dimension
weighs one-third.

Fourteen countries lack information on
the date of death of children who have
died, so we cannot identify child mortal-
ity that occurred in the five years prior to
the survey.” For these countries, we use
any child mortality information reported
by women or men in the household, so
deprivations are comparatively higher and
comparisons require caution.

How robust are the comparisons? The
global MPI, like any poverty measure, in-
volves normative choices in selecting the
indicators, weights, and poverty cutoffs

(Alkire and Jahan 2018). Amartya Sen

1. Two datasets, Burundi and Nigeria, contain
data from 2016-17.

2. Bhutan, Central African Republic, Ecuador,
Djibouti, Kazakhstan, Montenegro, Morocco,
Syrian Arab Republic, Serbia, Thailand, Trini-
dad and Tobago, Vanuatu, and Uzbekistan.
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USER’S GUIDE TO INTERPRETING THE GLOBAL MPI

Sometimes people presume that the MPI is “just”an index — a single number — show-
ing the level of poverty. But the MPI is much more than that: it can also be broken
down to show who is poor and how they are poor. Below is an example of how the
global MPI does this.

INCIDENCE OR HEADCOUNT RATIO. Let’s start with the most familiar number: the
percentage of people who are MPI poor. This is called the headcount ratio, incidence
of poverty, or poverty rate. For example, in Togo, 48.4% of people are MPI poor
because they are deprived in one-third or more of the weighted MPI indicators.

INTENSITY. This is the average deprivation score among the poor or the average
share of deprivations that poor people experience. In Togo, intensity is 51.7%, which
means that poor people in Togo experience, on average 51.7% of the weighted
deprivations. Because the poverty cut-off is one-third - all people identified as MPI
poor experience at least one-third of weighted deprivations - their deprivation
scores lie between 33.33% and 100%.

THE MPI. The MPI is the product of incidence and intensity: it is calculated by
multiplying them together. For instance, Togo has an MPI of 0.294 because 48.4%
X 51.7% = 0.294. This shows that poor people in Togo experience 29.4% of the
deprivations that would be experienced if every person in Togo was poor and
deprived in all indicators. The MPI always ranges from zero to one, and a higher
number signifies greater poverty.

HOW TO REDUCE THE MPI. Because the MPI is made up of two sub-indices - inci-
dence and intensity — it goes down if either of these decreases. So if a poor person be-
comes non-poor, the MPI will go down. And if a poor person becomes non-deprived
in an indicator in which they were previously deprived, the MPI will also go down.
The MPI thus tracks not just movement over the poverty line but also improvements
among the poor, incentivizing policies that target the poorest of the poor.

The censored headcount ratio of an indicator is the percentage of the total population
who are MPI poor and are deprived in that particular indicator. The global MPI is the
weighted sum of the 10 censored headcount ratios. What this means is that a decrease
in any deprivation of any poor person will decrease poverty as measured by the MPI.

The percentage contribution of an indicator shows how much it contributes to the
overall MPI. This is used to understand how the poor are poor, or the composition
of their poverty. The percentage contribution depends on both the number of poor
people who are deprived in that indicator and its weight. Using this - often visualized
as a striped bar — we can compare at-a-glance the indicators that most contribute to
the global MPI for different countries or groups.
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advises poverty measures to be assessed as
to whether they are robust to a “plausible
range” of specifications. A core robustness
test evaluates the percentage of pairwise
comparisons between countries, consider-
ing standard errors, that remain unchanged
if the poverty cutoff is set at 20% or 40%
instead of 33.33%. That is, if country A
was poorer than country B (at 95% signif-
icance) with a poverty cutoff of 33.33%, is
it also poorer if the poverty cutoff is fixed
at 20%? In the case of the global MPI,
94.9% of the statistically significant pair-
wise comparisons across 104° countries are
robust, taking the MPI cutoff of 33.33%
as the baseline. This means that the relative
values of the MPI remain unchanged to a
quite large extent, across alternative cut-
offs for identifying multidimensionally
poor people. To share information about
alternative levels of poverty, all data tables
provide information based on three pover-
ty cutoffs: 20%, 33.33%, and 50%. OPHI
technical documents corresponding to the
global MPI 2018 present the full sets of
robustness tests, including also robustness
to indicators and weights.

3. 'The only missing country is Armenia, as the
MP1 is zero for the poverty cutoff value of 40%.

Moving forward: The next chapter sketch-
es global aggregates, thereby demonstrat-
ing the value added of a global MPI that
is as comparable as present data permit
and can offer both a global headline and
fine-grained analysis for children, rural ar-
eas, 1768 subnational regions, and other
critical subgroups. The purpose is only in
part to inform and at times alarm: more
fundamentally, the purpose is to empower
and incite action that ends acute poverty
across many dimensions.
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|. Global Overview

This chapter provides a global overview
of findings from the global MPI 2018.
Chapter 2 focuses on India, presenting
a case study on MPI from 2005/6 to
2015/16, with analyses of trends by age,
state, caste, and religion, and a direct
mapping of poverty at the district level in
2015/16. Turning first to the youngest on
our planet, Chapter 3 assesses child pover-
ty across all countries. Multidimensional
poverty varies both within and across ma-
jor geographic regions like Latin America
or East Asia and the Pacific, and Chapter
4 presents some notable highlights. Going
within countries, Chapter 5 scrutiniz-
es poverty levels and composition across
rural and urban areas. Finally, Chapter
6 zooms in to investigate circumstances
within and across countries according to
subnational regions.

1.34 BILLION PEOPLE ARE POOR ACROSS
THE 105 COUNTRIES COVERED

Across the 105 countries covered by the
global MPI, 1.34 billion people live in
acute multidimensional poverty.* This
amounts to 23.3% of the 5.73 billion peo-
ple living in these countries. These people
are deprived in at least one-third of over-
lapping deprivations in health, education,
and living standards indicators. They may

4. All population aggregates in this report multi-
ply the headcount ratio by the 2016 population
data from United Nations Department of Eco-
nomic and Social Affairs, Population Division
(2017). Data tables also provide the population
data from the year of the survey.

lack adequate housing or sanitation, prop-
er nutrition or primary education. They
are found in every region and every coun-
try, showing that acute poverty remains a
global phenomenon.

MOST POOR PEOPLE LIVE IN SUB-
SAHARAN AFRICA (42%) AND SOUTH

ASIA (41%)

While poverty exists everywhere, most of
the world’s poor people — more than 1.1
billion — live in Sub-Saharan Africa or
South Asia. Poor people in Sub-Saharan
Africa tend to experience more intense pov-
erty. East Asia, despite having the largest
population, has a much smaller share of the
world’s multidimensionally poor people.

IN 2015/16, THERE WERE 271 MILLION
FEWER POOR PEOPLE IN INDIA

As Chapter 2 elaborates, a change of glob-
al proportions occurred in India. Between
2005/6 and 2015/16, the number of mul-
tidimensionally poor people in India fell
from 635 million to 364 million — an
historic shift. Furthermore, in sharp con-
trast with the trend 1999 to 2006, when
the poorest groups reduced multidimen-
sional poverty the slowest, from 2005/6
to 2015/16 the poorest reduced MPI the
fastest. That is, poverty reduction among
children, the poorest states, scheduled
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Where Do the 1.3 Billion MPI Poor People Live?
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TABLE .1 MPI Poverty by World Region
Developing Regions MPI' Headcount Intensity pﬁi’:‘;:;:lfe c':)(:/’;:l;ztéol;]y
AR . 2 3
(UN Statistics Division) ratio (H) (A) (millions)* MPI
Arab States 0.098 19.2% 50.8% 65.7 85%
East Asia and the Pacific 0.025 5.9% 43.1% 117.7 94%
Eastern Europe and Central Asia 0.009 2.4% 38.3% 35 43%
Latin America and the Caribbean 0.042 10.1% 41.8% 52.3 81%
South Asia 0.143 31.3% 45.8% 545.9 95%
Sub-Saharan Africa 0317 57.8% 54.9% 559.6 99%

Source: Own computations; all aggregates are population-weighted.

1. The Multidimensional Poverty Index (MPI) ranges from O to 1.
2. The headcount ratio is the percentage of the population with deprivation score of 1/3 or above.
3. Theintensity is the average percentage of weighted deprivations among the poor.

4. The number of poor people uses 2016 population figures.

tribes, and Muslims was fastest, indicating
that, far from being left behind, they were
catching up. Trends in the global MPI
using 2018 specifications are at present
available only for India; harmonized anal-
yses of trends over time for other countries
are under construction.

FIGURE 1.3

ABOUT TWO-THIRDS OF ALL MPI POOR
PEOPLE LIVE IN MIDDLE-INCOME
COUNTRIES

Just under 900 million poor people live
in middle-income countries. These people
experience deprivations in clean water, nu-
trition, and schooling — just like those in

A. Where Do the World’s Poor Live?

Upper middle-income countries, 9%
High-income countries, 0%

Low-income countries, 33%

Lower middle-income countries, 58%

B. Population Coverage

Upper middle-income countries, 38%

High-income countries, 0%

Low-income countries, 12%

Lower middle-income countries, 50%




low-income countries (LICs), despite the
higher national GNI per capita. In absolute
terms, their lives face clustered disadvan-
tages similar to those living in low income
countries, and merit equivalent priority.

However, LICs do have higher propor-
tions of their population living in multi-
dimensional poverty. Whereas LICs are
home to only 9% of the people covered by
the 2018 global MPI, 33% of MPI poor
people live in them. Nearly 65% of peo-
ple in LICs are poor (compared to 18%
in middle- or high-income countries),
and the average poor person in a LIC is
deprived in 54.9% of weighted indica-
tors (compared to 46.8% in middle- or
high-income countries). The 17 poorest
countries by MPI are LICs. Yet within
LICs there is great variety: the percentage
of MPI poor people ranges from 91.9%
in South Sudan and 90.6% in Niger to

FIGURE 1.4
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12.1% in Tajikistan. School attendance
contributes the most to the average MPI
in LICs and is responsible for 17.6% of
the overall MPI, followed by nutrition
(16.0%), and child mortality (13.8%).

LEAST DEVELOPED COUNTRIES ARE
AMONG THE POOREST

The 2018 global MPI covers 43 of the 47
‘least-developed countries’ (LDCs) as iden-
tified by the UN. While those 43 countries
represent only 17% of the total population
covered by the global MPI, they represent
43.4% of the poor population.

Nearly 60% of the population in the LDCs
(579.1 million) are multidimensionally
poor with an average of 53.6% of weight-
ed deprivations experienced by the poor.
Twenty-eight of the 29 poorest countries
by the global MPI are LDCs, with Nigeria

as the sole exception.

A. Where Do the World’s Poor Live?

Least-developed countries, 43%

Non-least developed countries, 57%

B. Population Coverage

Least-developed countries, 17%

Non-least developed countries, 83%
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FORTY-SIX PERCENT OF ALL POOR
PEOPLE ARE SEVERELY POOR

Across the countries covered, over one in
ten — 612 million — are deprived in at least
half of the weighted indicators — not just
the one-third which is the minimum dep-
rivation score to be identified as MPI poor.
This means that 46% of the 1.34 billion
MPI poor people are not close to the MPI
poverty cutoff, but living in severe poverty.
Each of these persons experiences a cluster-
ing of disadvantages that single indicators
overlook. The MPI makes them visible.

This being said, the percentage of MPI
poor people who are severely poor varies.
Malawi (2015-16) and Cameroon (2014)
both have the same MPI of 0.244, but in
Cameroon, 57% of poor people are se-
verely poor whereas in Malawi the compa-
rable figure is 35%. While the global MPI
reports three poverty cutoffs: 20%, 33%,
and 50%, every country briefing reports
additional cutoffs up to 90%, in order to
make visible different patterns of intensity
among the poor.

HALF OF ALL POOR PEOPLE ARE
CHILDREN

When we look at who the MPI poor peo-
ple are according to their ages, we find
that half of all multidimensionally poor
people — 49.9% — are children under 18
years of age. So across the countries cov-
ered, over 666 million children are pass-
ing their childhood in multidimensional
poverty — which is more than one out of
every three children. Among these chil-
dren, around 40% live in severe poverty.
And in terms of conflict, one-third of the
MPI poor children live in ‘alert’ level frag-
ile states, and child poverty levels are the
highest in the weakest of the fragile states.

GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

The MPI includes indicators of children’s
achievements such as school attendance
and nutrition. It includes indicators that
affect children’s life chances, such as ad-
equate sanitation, safe water, housing,
and clean cooking fuel. And it reflects
household features that shape children’s
lives, such as whether a child has died and
whether anyone has six years of schooling.
Given that demographically the world has
more children on it than, probably, it ever
has had, the high prevalence of child pov-

erty is a clarion call for action.

THE GLOBAL MPI IS DISAGGREGATED
INTO 1,127 SUBNATIONAL REGIONS

The global MP1 is disaggregated into 1127
subnational regions across 88 countries to
find pockets of poverty in otherwise pros-
perous countries and pockets of progress
in otherwise poor countries. This also ena-
bles higher granularity analysis within and
across borders and encourages more tar-
geted and efficient poverty alleviation pol-
icies. In addition to this disaggregation of
88 countries into 1127 regions, India has
a second level of disaggregation into 640
districts, bringing the total number of sub-
national regions investigated by the global
MPI to 1767. Because the global MPI is
based on deprivations that are measured
directly — malnutrition, clean water, hous-
ing, and school attendance — comparisons
across, as well as within, countries can be
done directly. In this sense, disaggregated
comparisons are simpler than for mone-

tary poverty.

HOW ARE POOR PEOPLE POOR?

We have observed that 1.34 billion peo-
ple live in acute multidimensional pov-
erty. Each one of these children, women,
or men are being left behind in multiple
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ways: they are deprived in one-third or
more of the weighted indicators. But how
are they poor, according to each indicator?
This closing section shares insights into
the circumstances in which this group of
acutely poor people live.

The MPI poor people together experience
7.31 billion deprivations. Table 1.2 shows
how many of those 1.34 billion poor peo-
ple experience each of the MPI depriva-
tions. The magnitude of human suffering
underlying these figures, written in black
and white, remains staggering in the in-
formation age, especially in contexts of
bounding economic growth. And is all the
more distressing when we remember that
this does not even include all persons who
are deprived in each indicator — only those
who are also MPI poor because they are
deprived in that indicator and other indi-
cators adding up to at least one dimension.

Nearly 90% of all 1.3 billion MPI poor
persons cannot simply light a burner or
turn on an electric burner to cook: they
must gather or purchase cooking materi-
als, bring them home, and assemble a fire
made out of wood, dung, coal, or charcoal.
Solid cooking fuel is a health risk: those ex-
posed without ventilation — usually wom-
en and children — experience the indoor air
pollution that irritates eyes and lungs and
is a leading cause of preventable death.

Four out of five MPI poor persons live
in a house where the floor is dirt, sand,
or natural; or where the walls and roof
are rudimentary — maybe cardboard,
plastic sheeting, grass, or mud. In a heavy
rainstorm, or in strong winds, or if a thief
investigates, such a home is no safe haven.
The same number lack an adequately
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hygienic toilet such as a composting toilet,
Y& p &
protected pit latrine, or a toilet that flushes
to a sewage system.

Over 60% of poor persons share their
households with someone who is nutri-
tionally deprived. In many cases, more
than one household member faces the
nutritional challenges of being stunted or
underweight. In those households, mere
survival cannot be taken for granted, al-
though in the wider world obesity is so
often a presenting problem. Child mal-
nutrition is especially worrying because it
affects a child’s physical and mental devel-
opment and shapes his or her life chances
and future. Unfortunately, over 600 mil-
lion MPI poor people live in a household
where one of the malnourished persons is

a child under the age of five.

Electricity is a service many take for grant-
ed, feeling wistful if buses and aircraft do
not have in-seat power. But over half of
MPI poor persons do not have even a so-
lar-powered light bulb. The data here are
problematic because even those who have
access to electricity may experience hours
of load shedding, costs that may be out of
reach, and variability of current. So there
are many additional challenges to consid-
er. Yet 721 million people — one in ten on
the planet — are multiply deprived and
cannot turn on a light or fan, or charge a
cell phone when evening falls.

Picture that half of the MPI poor people,
if a newspaper or letter is delivered, do not
have anyone who has completed six years
of schooling at home. So unless someone
is self-taught, it may be that there is no
one who can read the letter — they would
have to ask for help. In a society where
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TABLEI.2 How Many People are MPI Poor and Deprived in...

:I:;/vdn;:;)\/,:dezzle are MPI poor Million Share of MPI poor
Nutrition 817 61%
Child mortality 183 14%
Years of schooling 657 49%
School attendance 486 36%
Cooking fuel 1199 89%
Sanitation 1043 78%
Water 589 44%
Electricity 721 54%
Housing 1046 78%
Assets 571 42%

texting, surfing the internet, and filling
out forms all require education, this is a
huge obstacle to forming social connec-
tions, participating in economic activities,
obtaining decent work, and engaging in
political processes.

Forty-four percent of poor persons around
the world lack access to clean drinking
water within a 30-minute roundtrip walk
from their home. These people are at risk
for water-borne infections and diseases,
which can also affect their health and, for
children, their school attendance. Having
to travel long distances for water can also
place an additional burden on women and
children, who are more likely to be respon-
sible for fetching water for the household.

More than two-fifths of poor people do
not own basic assets (either a car or truck
or at least two of these items: radio, televi-
sion, telephone, bicycle, motorbike, or re-
frigerator) that contribute to their wellbe-
ing and economic activity and also can act
as insurance against the economic shocks

so often experienced in poor and fragile
communities. Telephone includes both
landlines and the mobile telephones that
are used for gathering information on job
opportunities, tracking weather patterns,
and, in some countries, banking. Cars and
trucks and, to a lesser extent, bicycles and
motorbikes, can be critical for getting to
and from work or visiting families and
friends. Lacking access to transportation
can leave people feeling isolated and make
it harder for them to get the jobs needed
to improve conditions for themselves and
their families.

More than one-third of poor persons live
in a household in which a school-age child
is not attending school. This reflects the
reality that, despite significant gains in ac-
cess to schooling, the world failed to meet
the Millennium Development Goal of
universal primary education (UN 2017).
Lack of education not only affects the
child but also the household, which will
not be able to benefit from the increased
earnings the child would be able to gain



as an educated adult. Of course, years of
schooling are an imperfect proxy for ed-
ucational quality and learning outcomes,
so some children who are attending school
are still not enjoying the SDG require-
ment for “equitable and quality” educa-
tion. But children who are not in school
have even less of a chance.

Finally, 183 million poor people live in a
household in which a child has died in the
five years prior to the survey. Though this
is lower than the number of deprivations
in the other indicators, considering the
traumatic and devastating toll that the loss
of a child can have on a household, this
remains an appalling statistic.

The global MPI 2018 is, like any global

poverty measure, imperfect and incom-

Rod Waddington | Flickr CC BY-SA 2.0
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plete. In terms of indicators it does not
include a lack of decent work, violence, or
disempowerment — which also are key as-
pects of poor people’s lives and experienc-
es of poverty — nor quality of education
or health functionings. And, reflecting
acute poverty, it does not capture mod-
erate poverty of a sort that might be of
more interest in low-MPI countries. But
the global MPI nevertheless does focus on
a core set of SDG indicators. Going be-
yond silos, it give a vivid overview of the
simultaneous deprivations that, as Amart-
ya Sen observed, continue to batter and
diminish poor people’s lives. These over-
lapping deprivations merit measurement,
acknowledgement, and action.
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NOT JUST A HEADLINE - GOING INSIDE THE MPI

A key advantage of the MPI is that it not only provides a headline number for each
country, but it can also be broken down by indicator to show what deprivations
create poverty in that country.

For instance, Tajikistan and Peru have very similar MPIs: 0.049 and 0.052, respec-
tively. The incidence and intensity of poverty across these two countries are also
similar (12.1% to 12.5% and 40.4% to 41.5%, respectively). What is not similar is the
composition of their poverty.

In Peru, 18% of the overall MPI is due to deprivations in years of education, while
in Tajikistan, that indicator only contributes 1%. By contrast, Tajikistan has a much
higher contribution from malnutrition (35%), double that of Peru. Overall, the
living standards dimension is responsible for more than half (56%) of poverty in
Peru, while the health dimension contributes the most in Tajikistan.

By delving deeper into the numbers, we can see how two countries that look simi-
lar in terms of who is poor actually have very different compositions of poverty.
How people are poor varies a lot — necessitating very different policy responses.

FIGUREI.7 Composition of Poverty in Tajikistan and Peru
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ll. MPl in India: A Case Study

271 MILLION FEWER POOR PEOPLE

IN INDIA

The scale of multidimensional poverty
in India deserves a chapter on its own.
India has made momentous progress in
reducing multidimensional poverty. The
incidence of multidimensional poverty
was almost halved between 2005/6 and
2015/16, climbing down to 27.5%. The
global Multidimensional Poverty Index
(MPI) was cut by half due to deeper pro-
gress among the poorest. Thus within ten
years, the number of poor people in India
fell by more than 271 million — a truly
massive gain.

India’s scale of multidimensional poverty
reduction over the decade from 2005/6
to 2015/16 — from 635 million poor per-
sons to 364 million — brings to mind the
speedy pace of China’s poverty reduction,
which occurred over more than 20 years.
The data necessary to measure changes
in China’s global MPI over time are not
available. But according to China’s 2010
monetary poverty line, 268 million peo-
ple exited poverty between 1995 and
2005 (at which point there were still 287
million poor people). By 2015, only 56
million people were ‘consumption poor’.
If the World Bank’s $1.25/day poverty
line is used instead, 267 million people
came out of poverty from 1990 to 2000
in China.” Even allowing that monetary
poverty and multidimensional poverty af-
fect people differently, the scale of India’s
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multidimensional poverty reduction has
global implications that could parallel the
China’s progress.

ONE IN FOUR POOR PEOPLE IS A CHILD
UNDER 10

If one considers the 364 million people
who are MPI poor in 2015/16, 156 mil-
lion (34.6%) are children. In fact, of all
the poor people in India, just over one
in four — 27.1% — has not yet celebrated
their tenth birthday. The good news is that
multidimensional poverty among children
under 10 has fallen the fastest. In 2005/6
there were 292 million poor children in
India, so the latest figures represent a 47%
decrease or a 136 million fewer children
growing up in multidimensional poverty.
When considering the durable and life-
time consequences of childhood depriva-
tion, particularly in nutrition and school-
ing, this is a tremendously good sign for
India’s future.

5. Chen and Ravallion (2010) report the number
of people who were poor in 1990, 1999, and
2002. In the case of either a linear extrapolation
forward from 1999 or back from 2002, rough-
ly 267 million people appear to have emerged
from poverty between 1990 and 2000. Also,
Shen, Zhan, and Li (2018) track a modified
MPI for rural residents over three time periods:
1995, 2002, and 2013. According to their es-
timations, 202.6 million rural residents exited
poverty from 1995 to 2002, which if the trend
continued in a linear fashion to ten years, would
be 289.6 million.



FASTEST PROGRESS FORTHE POOREST
GROUPS

Traditionally ~disadvantaged subgroups
such as rural dwellers, lower castes and
tribes, Muslims, and young children are
still the poorest in 2015/16. For exam-
ple, half of the people belonging to any
of the Scheduled Tribes communities are
MPI poor, whereas only 15% of the high-
er castes are. Every third Muslim is mul-
tidimensionally poor, compared to every
sixth Christian. Two in five children un-
der 10 years of age are poor (41%), but
less than one quarter of people aged 18 to
60 (24%) are.

But the landscape of the poorest has im-
proved dramatically and, if current trends
continue, is set to change. The poorest
groups — across states, castes, religions,
and ages — had the biggest reductions in
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MPI 2005/6 to 2015/16, showing that
they have been “catching up,” though
they still experience much higher rates
of poverty. This marks a dramatic rever-
sal. From 1998/9 to 2005/6 the opposite
trend prevailed: India’s poorest groups had

the slowest progress. They were being left
behind (Alkire and Seth 2015).

Among states, Jharkhand had the greatest
improvement, with Arunachal Pradesh,
Bihar, Chhattisgarh, and Nagaland only
slightly behind. However, Bihar is still
the poorest state in 2015/16, with more
than half of its population in poverty. In
2015/16, the four poorest states — Bihar,
Jharkhand, Uttar Pradesh, and Madhya
Pradesh — were still home to 196 mil-
lion MPI poor people — over half of all
the MPI poor people in India. Yet the
least poor regions were not at all stagnant
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FIGUREIL.T  Absolute Change in MPI between 2005/06 and 2015/16 with Respect to MPI
Level in 2005/06
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either. Rather, they also reduced poverty.
In fact, relative to their starting levels, they
netted some of the highest relative rates
of reduction. For example Kerala, one of
the least poor regions in 2006, reduced its
MPI by around 92%.

This positive trend of pro-poor poverty
reduction is seen also across religions and
caste groups. In both cases, the poorest
groups (Muslims and Scheduled Tribes)
reduced poverty the most over the ten
years from 2005/6 to 2015/16. Yet these
two groups still have the highest rates of
poverty. For instance, while 80% of those
who identified themselves as being in a
Scheduled Tribe had been poor in 2005/6,
in 2015/16, 50% of people belonging
Scheduled Tribes are still poor. In fact, if

we look at the societal distribution of dep-
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rivations in India among the poor, vulner-
able, and non-poor, we see that whereas
91% of people experienced any depriva-
tion in 2005/6, it is 82.4% in 2015/16
so deprivation-free persons have doubled
from 9% to 18% of the population, and
those with very low deprivations rose also
But the percentage of vulnerable people
increased by only 2%, and across all the
poor people, the poorer they were, the
more their poverty decreased. So for ex-
ample, while 7.3% of the population were
deprived in 70% or more of the weight-
ed indicators in 2005/6 it is 1.2% in
2015/16. This slightly technical mapping
of all experienced deprivations verifies the
societal change that is evident in the faster
reduction for the poorest groups.
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AT-A-GLANCE: MULTIDIMENSIONAL
POVERTY ININDIA IN 2015/16

In 2015/16, more than 364 million people
are still MPI poor in India. This number
is higher than the combined populations
of the most populous Western European
countries, including Germany, France, the
United Kingdom, Spain, Portugal, Italy,
the Netherlands, and Belgium.

Indias 2015/16 MPI is 0.121, with
27.5% of the population identified as
multidimensionally poor and poor peo-
ple experiencing an average of 43.9% of
weighted deprivations. Just over 9% of the
population are still vulnerable to poverty,
meaning that they are deprived in 20 to
33% of weighted indicators. And, sadly,
113 million people — 8.6% of India’s peo-
ple — live in severe poverty, each one of
these people experiencing more than 50%
of weighted deprivations.

Across nearly every state, poor nutrition
is the largest contributor to multidimen-
sional poverty, responsible for 28.3%
of India’s MPI. Not having a household
member with at least six years of educa-
tion is the second largest contributor, at
16%. Insufficient access to clean water
and child mortality contribute least, at
2.8% and 3.3%, respectively. Relatively
few poor people experience deprivations
in school attendance — a significant gain.

INDIA'S 640 DISTRICTS: POCKETS OF
POVERTY AND PROGRESS

The 2015/16 district-level data for India
reveal deep pockets of poverty but also im-
pressive progress across the country. The
poorest district is Alirajpur in Madhya
Pradesh, where 76.5% of people are poor
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— the same as Sierra Leone in Sub-Saharan
Africa. Only eight countries have higher
rates of MPL. In four districts more than
70% of people are poor; these are locat-
ed in Uttar Pradesh and Madhya Pradesh.
Twenty-seven districts have 60 to 70% of
their people in poverty. At the other end
of the scale, in 19 districts less than 1% of
people are poor, and in 42 districts, pover-
ty rates are 2 to 5%.

The map depicts a clear divide be-
tween districts located in southern and
north-central India. For example, in the
134 districts of Maharashtra, Telanga-
na, Andhra Pradesh, Karnataka, Tamil
Nadu, and Kerala, there are just two dis-
tricts with poverty rates above 40%. These
are Nandurbar in northern Maharashtra
bordering Gujarat (60%) and Yadgir in
northeastern Karnataka, where almost
every second person is multidimensionally
poor. In Tamil Nadu and Kerala, most dis-
trict-level headcount ratios hover around
10% or less — rates that are comparable
to those of Eastern European and South
American regions. Interestingly, districts
in the far northern states such as Punjab,
Haryana, and Himachal Pradesh show a
similar pattern.

The major contrast, however, are districts
that spread all the way from northwest-
ern Uttar Pradesh to eastern Bihar along
the Indo-Gangetic Plain, and from pock-
ets in western Madhya Pradesh to Odisha
via many isolated and neglected districts

in Jharkhand and Chbhattisgarh (note that

6. South Sudan, Niger, Chad, Burkina Faso,
Ethiopia, Somalia, Mali, and Madagascar.
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FIGUREIL5  Percentage of MPI Poor People by District in India 2015/16
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NFHS-4 district level disaggregation groups
together some of Chhattisgarh’s districts).
These states reduced MPI at a record pace,
yet many districts still face daunting chal-
lenges. A case in point is Bihar. In 11 of its
38 districts more than six in ten people are
poor, and in two districts almost 70 are mul-
tidimensionally poor (Madhepura, Araria).

Within India, 40.4 million people live in
districts where more than 60% of people
are poor — 20.8 million live in the poorest
districts in Bihar, 10.6 million in the poorest
districts in Uttar Pradesh, and the remainder
in the poorest districts in Chhattisgarh, Gu-
jarat, Jharkhand, Madhya Pradesh, and Od-
isha. Outside India, in South Asia, 27.4 mil-
lion people live in subnational regions where
more than 60% of people are poor — 6.5 mil-
lion in Pakistan’s Balochistan (72.6%), 8.5
million in Bangladesh’s Sylhet (62.3%), and
the remaining 12.4 million in Afghanistan.

GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

SUSTAINING MOMENTUM

The finding that 271 million fewer Indians
are MPI poor in 2015/16 is dramatic — es-
pecially as it came during a decade of pop-
ulation growth. Over a quarter of a billion
people are no longer forced to battle si-
multaneous deprivations. When observing
these remarkable results, it is important
to reflect on the time period considered —
much can change in ten years. Also, these
figures are from 2015/16, so they may not
reflect the situation in India currendly. It
is fervently hoped that Indias data will be
updated more regularly and, more impor-
tantly, that the trends will continue.

India’s MPI reduction redraws the global
picture on MPI, with South Asia no longer
housing the largest share of the world’s
poor. The world has already acknowledged
China’s global leadership in monetary pov-
erty reduction. Although these are differ-
ent measures, by any standard, India’s MPI
reduction could be momentous — yet to
end poverty it needs to be sustained across
the next 15 years.
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1. Child Poverty

HALF OF ALL MULTIDIMENSIONALLY
POOR PEOPLE ARE CHILDREN

With the adoption of the Sustainable De-
velopment Goals (SDGs), the internation-
al community affirmed the importance of
eradicating child poverty, identifying with-
in Goal 1 the need to reduce the propor-
tion of men, women, and children living
in multidimensional poverty. The interna-
tional definition of a child, also used here,
is anyone less than 18 years of age.

This briefing disaggregates the 2018 glob-
al Multidimensional Poverty Index by age
group to analyze the situation of the 1.96
billion children who live in 105 countries.
Carrying forward our findings from 2017,
these most recent results continue to be
deeply concerning:

* Half of all multidimensionally poor
people — 49.7% — are children. A to-
tal of 668 million children are living
in multidimensional poverty.

* One out of every three children —
34.1% — are multidimensionally poor,
whereas it's 17.9% of adults. Fully
13.7% of children — nearly one in sev-
en — live in severe poverty.

* Eighty-five percent of poor children
are growing up in South Asia (37%)
and Sub-Saharan Africa (48%). Yet
the India case study shows that be-
tween 2005/6 to 2015/16, children
reduced poverty the fastest of all age
cohorts — a sign of what is possible.

* Nearly two-thirds (64.2%) of Sub-Sa-
haran Africa’s children are multidi-
mensionally poor. In 34 countries, at
least half of all children are MPI poor.
In South Sudan and Niger, over 90%
of all children are MPI poor. Further-
more, in Burkina Faso and Ethiopia,
over 90% of children aged 0 to 9 years
are MPI poor.

* One-third of the MPI poor children
(36.8%) live in ‘alert’ level fragile states,
and child poverty levels are the highest
in the weakest of the fragile states.

The MPI includes indicators of children’s
achievements such as school attendance
and nutrition. It includes indicators that
affect children’s life chances, such as ade-
quate sanitation, safe water, flooring, and
clean cooking fuel. Furthermore, it reflects
household features that shape children’s
lives, such as whether a child has died and
whether anyone has six years of schooling.

OVER ONE IN THREE CHILDREN ARE
POOR

Of the 1.96 billion children covered by the
global MPI, 34.1% are multidimension-
ally poor, whereas for adults aged 18 and
above it is 17.9%. That means that more
than one in three children is living in acute
multidimensional poverty, and between
one in five and one in six adults. This is
similar across the age cohorts of adult-
hood: for adults aged 60 and above, it is
17.8%, whereas for adults aged 18 to 59
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CHILD MPIs

The Alkire-Foster method, used in the global MPI, can also be used to de-
fine a Child MPI. In Child MPIs, each child is identified as poor or non-poor
based on both household deprivations (which may be the global MPI itself)
and age-specific overlapping deprivations she or he experiences personally
across the cycle of childhood. For example, the education indicators could
include cognitive development for children 0-2, preschool or stimulating
activities for 3-5, school attendance for those 6-14, and not being in educa-
tion, employment, or training for people aged 15 and above.

Child MPIs are disaggregated by age and gender and are analyzed to see
whether all children in a household are poor and whether poor children live
in households that are poor according to the global MPI or a nationally de-
fined MPI. They are broken down by indicator to shape policy responses.
While many national Child MPIs are being designed, data are not available to
compute a global Child MPI that can be compared across over 100 countries.

years it is 18.0%. The urgency of address-
ing child deprivations in nutrition and ed-
ucation that have long-term consequences
on that child’s life chances as well as on
their society — deprivations that are, for
MPT poor children, embedded in a nex-
us of additional disadvantages in health,
housing, assets, and services — is clear.

SOUTH ASIA AND SUB-SAHARAN
AFRICA ARE HOME TO 85%

OF POOR CHILDREN

Most of the 668 million poor children —
85% of them — live in South Asia (37%)
or Sub-Saharan Africa (48%). Two factors
explain why. First, these two regions con-
stitute 59.5% of the children in our sam-
ple. Second, and more troubling, the inci-
dence of poverty among children is about
64% in Sub-Saharan Africa, much higher
than any other part of the world. The inci-
dence of poverty among children in South
Asia is about 38.7%, the second highest
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regional incidence. The region with the
third highest incidence is the Middle East
and North Africa, with 15.5% of children
living in poverty.

In terms of countries, nearly one-fourth of
the 668 million poor children — 23.3% —
live in India, followed by Nigeria (8.6%),
Ethiopia (7%), and Pakistan (6.6%).

HOW POOR ARE THE CHILDREN?

In our sample, poor children are on aver-
age deprived in 47% of the weighted indi-
cators, compared to 44% of the indicators
for adults.

The region with the highest intensity of
poverty is Sub-Saharan Africa, where poor
children are simultaneously deprived on
average in 53% of the indicators. In Ni-
ger, the intensity of poverty among chil-
dren is the highest, at 66%; thus poor



children on average are deprived in the
equivalent of two dimensions.

In both East Asia and the Pacific and
South Asia children are on average de-
prived in 46% of the weighted indicators.
Timor-Leste (47%) and the Lao People’s
Democratic Republic (47%) drive the
high intensity of poverty for East Asia and
the Pacific, whereas Afghanistan (49%)
and Pakistan (53%) have the highest in-
tensity of poverty in South Asia.
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ONE-THIRD OF POOR CHILDREN LIVE IN
ALERT-LEVEL FRAGILE STATES

Fully 30 countries included in the glob-
al MPI are coded as ‘alert, ‘high alert’, or
‘very high alert’ — those 32 states consid-
ered the weakest, out of 178 total — on the
Index of Fragile States 2018.” The Demo-
cratic People’s Republic of Korea and Er-
itrea are the only two countries for which
we did not have data. The level of child
poverty rises across the categories of states
from ‘stable’ to ‘warning’ to ‘alert’. Among
alert-level states, around 58.5% of chil-
dren are poor, but in high alert-level and

7. 'The classification is based on the 2018 numbers
of the Fragile State Index published by The
Fund for Peace. Available at
hetp://fundforpeace.org > Fragile State Index >
Data > Global data (accessed on 22.08.2018).

FIGUREII.1  Incidence and Intensity of MPI Child Poverty by Region
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very high alert-level states — where nearly
one in six global MPI poor children live —
the figure is slightly higher, 60.1%.

ALMOST TWO-THIRDS OF POOR
CHILDREN LIVE IN MIDDLE-INCOME

COUNTRIES

Thirty-eight percent of poor children live
in low-income countries, even though
these countries are home to only 18.4% of
the children in our sample, and the high-
est child poverty levels are in low-income
countries.® Still, the majority of poor chil-
dren — over 62% — pass their childhood
in middle-income countries. So because
of many intervening factors including
inequalities, a higher national average in-
come per capita does not automatically
imply that children’s acute need for nutri-
tion and schooling, clean water, sanitation
and so forth, are met in middle income
countries. Once again, direct policy atten-
tion to these deprivations is required.

This chapter profiles children — more of
whom dwell on this planet than on any
time in the past. But for that reason it is
even more the case that the high level of
multidimensional poverty among chil-
dren globally, merits energetic attention.

8. This income level categorization comes from the
World Bank 2018 classification scheme. Data
and methodology available here (accessed on

24.08.2018).
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IV. World Regions

Across major geographical regions, roughly equal numbers of multidimensionally poor peo-
ple live in Sub-Saharan Africa (42%) and South Asia (41%), but variations at the national
level within regions can be stark. This chapter introduces the commonalities and diversities

among multidimensionally poor people by region, beginning in Africa.

SUB-SAHARAN AFRICA

Sub-Saharan Africa has the highest rate of
multidimensional poverty and the great-
est number of poor people of any of the
world regions. The global MPI datasets
cover 969 million people in 40 countries
in Sub-Saharan Africa, making it the re-

FIGURE IV.1 MPI by Subnational Region in Nigeria

gion with the most countries in the global
MPI. Of these, 560 million are MPI poor.
Opverall, the region has an MPI of 0.317,
with 57.8% of the population experienc-
ing multidimensional poverty and an av-
erage intensity of 54.9%.
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FIGURE IV.2 Where Do the 559M Poor People in Sub-Saharan Africa Live?
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The poorest countries in the region are
South Sudan and Niger, where more than
90% of the populations are multidimen-
sionally poor. Nearly three-quarters of
the populations of both countries experi-
ence severe poverty, with at least 50% of
weighted deprivations. South Africa is the
least poor country in Sub-Saharan Africa,
with a headcount ratio under 6%. Nigeria
and Burundi have the most recent data-
sets: 2016—17. But Nigeria is still home
to more MPI poor people than any other
country: 97 million.

Using UN geographic definitions, we find
that East and Central Africa are the poor-
est, with 64% of people living in multidi-
mensional poverty. Southern Africa is by
far the least poor, with only 8.6% of its
population in poverty.

The 2018 global MPI is disaggregated by
380 subnational regions in Sub-Saharan
Africa. In 268 regions more than half of

the people are poor, and in 134 regions
the figure is over three-quarters. In fully
42 regions, over 90% of people are poor,
and these are found in nine countries:
Burkina Faso, Chad, Ethiopia, Gambia,
Madagascar, Niger, Sierra Leone, South
Sudan and Uganda.

The subnational region in Sub-Saharan
Africa with the highest incidence is Wadi
Fira in Chad with a staggering head-
count ratio of 99.4% and a severity rate
of 82.8%, meaning that they are deprived
in at least half of the weighted indicators.
This means that of the 350,000 people
who live in Wadi Fari, 347,900 are multi-
dimensionally poor, of whom 287,700 are
severely poor.

Intra-country variations are particularly
pronounced between cities and rural or
remote areas. For example, in the capi-
tals and largest cities of Kenya (Nairobi),

41



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

FIGURE IV.4 Sub-Saharan Africa: Level of the MPI and its Composition
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(15.5%) and school attendance (13.5%).

In Sao Tome and Principe, deprivation
in years of schooling accounts for nearly
28% of its MPI, while in Zimbabwe it is
less than 5%. The Central African Repub-
lic is the only country in the world with
high levels of poverty (headcount ratio of
79.4%) in which child mortality is the

leading contributor.
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SOUTH ASIA

The global MPI covers seven countries in
South Asia, representing more than 1.7
billion people of whom 546 million are
poor. South Asia is the second poorest re-
gion in the world, behind only Sub-Saha-
ran Africa in both MPI and poverty rate.
Additionally, 11.5% of people in South
Asia are severely poor, being deprived in at
least half of the weighted indicators, and
19% are vulnerable to poverty, meaning
that they are deprived in 20% to 33% of
the weighted indicators.

Even in 2009, the Maldives had by far the
lowest poverty rates, with less than 2% of
its population identified as multidimen-
sionally poor and 5.4% being vulnerable

to poverty. In the poorest country, Af-
ghanistan, over half (56.1%) of the pop-
ulation are poor. In Afghanistan (25.1%)
and Pakistan (24.7%), one in four people

lives in severe poverty.

In South Asia, nutrition deprivations alone
contribute more than one-quarter to the
overall MPI, even when considering that
nutrition information was not available for
Afghanistan. This is more than in any oth-
er region except Europe and Central Asia,
where low levels of poverty make analysis
by indicator difficult. Child mortality and

electricity each contribute less than 4%.

Joydeep Mukherjee / UNDP | Flickr CC BY-NC-ND 2.0
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FIGURE IV.5 Where Do the 546M Poor People in South Asia Live?
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Seventeen of the 19 poorest subnational
regions in South Asia were in Afghani-
stan. The other two regions were Sylhet
in Bangladesh and Balochistan in Paki-
stan. The poorest subnational regions
were Nooristan and Urozgan in Afghan-
istan, which both had an MPI of 0.558,
and where 94% and 95% of people were
poor, respectively. Other regions are doing
better. In Paktika, Afghanistan, more than
55% of people are multidimensionally
poor, less than 5% are severely poor and
18% of people in Kabul are MPI poor.

The data in South Asia at present vary
greatly in terms of years collected. The
Maldives (2009) and Pakistan (2012/13)
will both be updated shortly with datasets
fielded in 2016 — at which point in time
Afghanistan, India, the Maldives, Nepal
and Pakistan will all have data from 2015
or 2016, which will make for fascinating
comparisons. Bhutan (2010) and Bangla-
desh (2014) will be updated thereafter.

FIGURE IV.7 South Asia: Level of the MPI and its Composition
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ARAB STATES

Analysis of poverty in the Arab States is
affected by older data that may not reflect
the current situation. The most recent
data from Somalia and Djibouti dates
from 2006; the Syrian Arab Republic’s
data is from 2009; and Yemen’s data is
from 2013. But according to existing
data, poverty varies dramatically. In So-
malia, 82% of people were multidimen-
sionally poor whereas in Jordan and Libya
it is less than 2%. Seventy percent of MPI
poor people in the Arab States live in Su-
dan, Yemen, and Somalia.

Altogether, the global MPI covers 342
million people in 13 countries in the Arab
region of whom 66 million (19.2%) are
multidimensionally poor. The popula-
tion-adjusted MPI is 0.10, and poor peo-
ple are deprived, on average, in 51% of

weighted indicators.

Living standards and education contrib-
ute relatively more to multidimensional
poverty across the region (38% and 36%,
respectively), while health indicators con-
tribute relatively less (26%).

In many countries in this region, and also
in Latin America and the Caribbean and
in Europe and Central Asia, the global
MPIT rates are low. Thus, the global MPI
— which measures acute multidimensional
poverty — is not sufficient for understand-
ing poverty in these countries. The glob-
al MPI analysis of acute poverty must be
complemented by a measure of moderate
multidimensional poverty, whose indica-
tors and cutoffs reflect the aspirations and
standards of poverty across each region.
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FIGURE IV.8 Where Do the 66M Poor People in the Arab States Live?
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An example can be found in the 2017
Arab Multidimensional Poverty Report
published by UN-ESCWA.? These figures
also give further credence to the recom-
mendation of the World Bank’s Atkinson
Commission on Global Poverty that work
and security be included in a multidimen-
sional poverty measure to better reflect

the conditions of the poor (World Bank
2017). Unfortunately, data does not yet
permit this for the global MPI; it is nec-
essary to include these dimensions in the
future.

9. Accessed here.

FIGURE IV.10  Arab States: Level of the MPI and its Composition
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LATIN AMERICA AND THE CARIBBEAN
The global MPI covers 20 countries in
Latin America and the Caribbean, which
are home to 515.7 million people. Around
434 million (8.3%) live in multidimen-
sional poverty and experience an average
of 42.5% of weighted deprivations, for an
MPI of 0.035.

In this region, 6.5 million people (1.3%)
suffer severe multidimensional poverty,
meaning that they are deprived in 50% or
more of the weighted indicators. The inci-
dence of severe poverty is below 5% except
in Haiti (22.5%), Guatemala (11.3%),
the Plurinational State of Bolivia (7.1%),
Honduras (6.6%), and Nicaragua (5.5%).
So most poor people have deprivation
scores that are relatively close to the pov-

erty cutoff.

Interestingly, the latter statement is also
true for a non-negligible part of the non-
poor population. More than 39 million

53

people (7.6%) are identified as vulnerable
to multidimensional poverty, meaning
that they are deprived in 20% to 33%
of the weighted indicators. The share of
the vulnerable population is higher than
that of severe poverty in all countries ex-
cept Haiti, where they are similar (2.4
and 2.2 million). Over 5% of people are
vulnerable in most of the countries, and
over 20% of people are vulnerable in Haiti
(20.4%), Guatemala (21.1%), and Hon-
duras (22.2%).

There is a high amount of heterogeneity
across countries at different levels. Taking
the region as a whole, the multidimension-
al poverty headcount ratio ranges from
47.6% (Haiti) and 29.1% (Guatemala)
to 1.9% (Saint Lucia) and 0.6% (Trini-
dad and Tobago). Surprisingly, both the
highest and the lowest incidences of pov-
erty can be found in Central America and
the Caribbean. Multidimensional poverty

Rod Waddington | Flickr CCBY-SA 2.0
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rates in South American countries are to-
wards the middle of the regional distribu-
tion. The highest incidence is found in the
Plurinational State of Bolivia (20.5%) and
the lowest incidence in Guyana (3.4%).

The largest number of severely poor peo-
ple live in Haiti and Guatemala.

On average, multidimensionally poor peo-
ple tend to be concentrated in rural areas
across the region (55%), though this is a
smaller disparity than in other world re-
gions and there is considerable heteroge-
neity between countries. Internal dispar-
ities are most flagrant in Colombia and
the Plurinational State of Bolivia, where
the incidences of poverty in rural areas are

around 17 and 11 times that in urban ar-
eas, respectively. Other countries, such as
Mexico and Saint Lucia, have a smaller ur-

ban-rural poverty gap.

Digging into the contribution of each in-
dicator to the MPI value, child mortality
(29.1%), nutrition (21.1%) and years of
schooling (16.4%) are most responsible
for the regions overall MPL. In Haiti,
more than 5% of the total population is
poor and living in a household that has
experienced the death of a child in the last
five years.

FIGURE IV.13 Latin America and the Caribbean: Level of the MPI and its Composition

0.25
0.20
0.15
0.10
0.05
-== ==
0 - == 5 =2 2 2 =
o © v © Y o © = >
s 8 5 3 N & 38
S 3 8 2> 3 2 £ 8
(e} 0 =] Q. o > Y]
E o2 T 0 w c O
= © @ - w T
T § o a
c " c
© ©
o 2
S £
= £
= a
mm Nutrition
mmm Child mortality
Years of schooling [
mmm  School attendance ||

m
n
]
u | |
e
w &= J
u
= B
===-.---
- - = II
= = =
[ B =_ni
3 2rgiLifgc
£ ¥ 8 @ o § 3 = E T
<) 2 = £ 5 2T 8 @
< 2 3 5 g 5§ ° 7
=1
(] mw z I o
Cooking fuel mm Housing
Sanitation Hmm  Assets

Drinking water

Electricity

55



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

*2A0qe 10 /| Jo Ajisuajul ue yum uoneindod ayj jo abejuadiad ay3 smoys Auianod asanas uj 9
‘suonreAldap paiybiam Jo %z €€-07 sadualadxa jeyy uoneindod ay3 jo abejuadiad ay3 smoys A1aaod 0} 3jqpiauinp s
'sainby uonendod 9|0z sasn aydoad Jood jo saquinu 3yl
100d 3y} buowe suonealdap pajyblam jo abejuadiad abeiane ayy si Aysuajuiayl €
"9n0qe 10 €/] J0 21035 uoneAudap yim uonejndod ay3 jo abejuadiad ayy st oip Junodppay 3yl ‘T
'L 01 0 Woly sabuel (dA) Xapuj A11aA0d [puoisuUaWIpNA YL L
0 44 '0¢C L18791°S 9’8 9Ly LECO (4114 SHa ey
0 €Ll L'Le 719'078'% [4°i4 L'6¢ reEL0 SL/vLoT SHa ejewajenn
' 9'S 91997’ 09 S0 ¥60°0 800¢ SH (J0 o3e3s
0 (WA L L9'9¢C’C 14 4 d [eUOIIRULIN|G) BIAIOG
USTRIPIRETE| 99 cee €68'S//'L v'or S6l 0600 zL/1oc SHa seinpuoH
0 S's el 60£'T00°L sy €9l /00 [4VARN14 SHA enbesediN
0 LT sl 8GEVS6'E Sy 7'l ¢s00 (4114 1U0)-SHA niad
Ayjeyiow pjiyd 4 Sy 76€'TS v'er ¥'6 L¥0'0 0L0c¢ SOIW sweuuns
0 L'l 6'6 SLEY0S €y 6L €€00 710¢C SOIW Jopeajes |3
Ayjeysow pjiyd 0L L'y 696'090'8 6¢E €9 ST00 910¢ HODIN3 0JIXaN
uoniinN 60 9 961%'817t'C 80t 0'S 1200 9L/S10C SHA elqwojo)
0 oL €L £09'20€ 0Ty oY 6100 910 SOIW Kenbeied
Ayljeriow pjiyd 80 9 9Y0'GEL £L'8€ L'y 8100 710¢C 1sr esjewer
0 80 A ¥S8S'sEL 00t Sy 8L0°0 1/€10C AD3 Jopend3
0 90 S8 896'G1 8'6¢€ 4% £10°0 91/510¢C SOIW ozi|eg
uoninnN S0 [ 6EY LYY 6'8¢ L'y 9100 10¢C SOIW sljgnday uesiujwoq
0 L0 6'S L€0'9C 6'LY 143 7100 10 SOIN euednp
Ayjenow pjiyd 00 S0 0oL’z ve Sc 6000 [414 SOIW sopeqJieg
Ayjenow pjiyd 00 9L oTr'e S'LE 6l £00°0 [44 SOIN epnTjules
0 1’0 L€ 689'8 08¢ 90 ¢000 LL0C SOIW obeqoy pue pepiutiL
sa0pEo|pU) BUISSIA oA1anod uanod 0y ,9|doad Jood «(¥) <(H) oneu (VXH = 1dW) 1ea) Kaning £nunoy
2J9A3S U| 9|qesau|np Jo 1aquinN Ausuayu| jJunodpesH 1dW

ueaqqlie) ay3 pue esuswy ulie ] 1o |dIA [eqolD  #'Al 319VL

56



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

EAST ASIA AND THE PACIFIC

The global MPI covers 11 countries in East
Asia and the Pacific, representing more
than 2 billion people, of whom fewer than
6%, or 117 million, are multidimension-
ally poor. The percentage of poor people
in each country ranges from 46% in Ti-
mor-Leste to less than 1% in Thailand.
This region has the largest population of
any region covered by the global MPI, but
it does not have the most poor people, re-
flecting its relatively low levels of poverty.

The low level of poverty in the region is
largely reflective of very low multidimen-
sional poverty in China, where the head-
count ratio of the global MPI is now just
over 4%. However, due to the great pop-
ulation differentials between countries,
nearly half of the region’s poor in 2014
resided in China.

Tom Cheatham /-:L_J_ DP |
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The average population-adjusted MPI
across the region is 0.025. However, there
is a significant amount of variation across
the countries. Lao People’s Democratic
Republic and Timor-Leste have the two
highest MPIs, at 0.211, while Thailand has
the lowest MPI at 0.003.

Zooming further within the countries, we
can see that even some countries with rel-
atively low levels of poverty have pockets
of higher levels of poverty. For example,
in Indonesia, 7.3% of people are poor na-
tionally, but in the Papua region of Indo-
nesia, nearly 44.5% are multidimensional-
ly poor. In Cambodia, the levels of poverty
across the subnational regions range from
7% in Phnom Penh to 64.3% in Preah Vi-
hear and Steung Treng — one of the poorest
regions in East Asia and the Pacific.
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FIGURE IV.14 Where Do the 118M Poor People in East Asia and the Pacific Live?
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Examining the different components of
the MPI suggests some interesting pat-
terns. The Philippines and the Lao People’s
Democratic Republic both have a similarly
high intensity of poverty at 52%, but in
Lao People’s Democratic Republic 40.5%
of people are multidimensionally poor,
while in the Philippines it is only 7.4%.

Across the region, more than 24 million
people live in severe poverty, meaning that
they experience at least one-half of the
weighted deprivations. Myanmar has the
greatest number of severely poor people
with 7.3 million. Although Timor-Leste
has the highest MPI poverty rate, the Lao
People’s Democratic Republic has the high-
est rate of severe poverty, at 22%.

The greatest contributor to poverty in East

Asia and the Pacific is years of schooling
(accounting for 22.1% of the overall MPI),
followed closely by nutrition (21.2%) — al-
though three countries in East Asia and
the Pacific (Viet Nam, Indonesia, and the
Philippines) did not have nutrition in-
formation in the data. Electricity (3.1%)
and assets (4.2%) contribute relatively lit-
tle to poverty in the region. Vanuatu is a
bit of an outlier in these regional trends:
deprivation in years of schooling is not as
prominent (6.6%), while electricity and
assets each contribute more than 11% to

its MPI.

EUROPE AND CENTRAL ASIA

Europe and Central Asia is the least poor
region included in this report and also the
one with the least complete coverage of its

FIGURE IV.16  East Asia and the Pacific: Level of the MPI and its Composition
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population. Of the 148 million people in-
cluded from Europe and Central Asia, 3.5
million of them are poor, for a headcount
ratio of 2.4% and an MPI of 0.009. A fur-
ther 5.8% of the population is vulnerable
to poverty, meaning they experience 20%
to 33% of the weighted deprivations.
There are about as many poor people in
all of the countries covered in Europe and
Central Asia as there are in a single district
in India.

The poorest country in the region is the
low-income country of Tajikistan — 12.1%
of its population is multidimensionally
poor and another 25.4% is vulnerable to
multidimensional poverty. All other coun-
tries have headcount ratios under 5%.
More than 10% of Tajikistan’s total popu-
lation is poor and lacks adequate housing,.
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Still, Tajikistan has the lowest MPI of all
low-income countries, showing what is
possible. The most encouraging fact is that
vanishingly small levels of acute multidi-
mensional poverty (MPI of .001 or .002
and headcount ratio less than 0.5%) are
found in Armenia, Ukraine, Serbia, Turk-
menistan, Kazakhstan and Montenegro.

It is difficult to draw too many conclusions
from the results of the global MPI for Eu-
rope and Central Asia because this inter-
nationally comparable measure of acute
poverty does not adequately capture the
higher aspirations with respect to poverty
that are held in the region. A measure of
more moderate poverty would be better
suited to understanding the pockets of
poverty that exist within the region, as well
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FIGURE IV.17 Where Do the 3.5M Poor People in the Europe and Central Asia Live?
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as potential areas for improvement more
broadly. We continue to calculate the MPI
here for two reasons. First, it depicts the
variations in poverty across the globe, and,
second, it is genuinely encouraging to see
that the kind of acute poverty that the
MPI covers can actually be eradicated.

FIGURE IV.19  Europe and Central Asia: Level of the MPI and its Composition
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V. Rural and Urban Areas

EIGHTY-FOUR PERCENT OF MPI POOR
PEOPLE LIVE IN RURAL AREAS™

Out of all the MPI poor people across 105
countries, 84% live in rural areas accord-
ing to the definitions used in the survey."
Only ten countries, housing 6.4% of the
combined population, have a rural share of
MPI poverty that is less than 50% (mean-
ing that less than half of that country’s poor
people live in rural areas). In fully 80 out of
the 105 countries covered, the “rural share
of MPI poverty” is 70% or higher, which
means that 70% or more of poor people
live in rural areas. So the MPI draws atten-
tion to pervasive urban-rural disparities.

10. The 2018 global MPI covered an estimated
population of 5,731,716,629. However, in the
rural-urban area estimation, the total popula-
tion covered is 5,731,289,159. Some 427, 470
individuals are excluded from the area estima-
tion. These are individuals who live in camps
in the State of Palestine. In the country report,
camps are identified as an additional area be-
sides urban and rural areas. We do not present
the figures here since this chapter is limited to
the dichotomous rural-urban indicator. De-
spite this limitation, we recognize the abject
deprivation experienced by the many displaced
communities living around the world.

11. The definitions of “rural” and “urban” are taken
directly from the surveys used to construct the
MPI. These definitions vary across countries
and it is not possible to apply a standard defini-
tion. Following the definition from the surveys,
we find that 55.4% of the global population are
living in rural areas, while 44.6% are living in
urban areas.
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RURAL-URBAN POVERTY VARIES BY
GEOGRAPHIC REGIONS

The share of poor people who live in ru-
ral areas varies across geographic regions,
from 55% in Latin America and the Car-
ibbean to 84.7% in Sub-Saharan Africa
and 87.6% in South Asia, where the rural
population share is substantially greater.

The rural poverty share is particularly high
in Sub-Saharan Africa, where 36 countries
have a share greater than 70%. Burundi,
Malawi, and Madagascar have the most
striking rural-urban divides, with around
95% of poor people living in rural are-
as (and rural population shares of above
85%). The situation in Sao Tome and
Principe is significantly different with a
rural share of 45.4%, making it the only
country in Sub-Saharan Africa with more
poor people in urban areas. However, only
33.4% of the population in Sao Tome and

Principe lives in rural areas.

India’s rural-urban divide is reflective of
South Asia as a whole, and 89.3% of India’s
poor live in rural areas (while 67.3% of its
population is rural). Among South Asian
countries, Nepal has the smallest share of
the poor population living in rural areas
(55.3%, ata 40.6% rural population share).
Among East Asian and Pacific countries,
Cambodia has the largest share of the poor
population living in rural areas (96.7%,
with 83.9% rural population share).
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1. Rural MPI share: the percentage of MPI poor living in rural areas.
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Overall, 29 of the 39 countries with a ru-
ral population share of below 50% have
a rural poverty share greater than 50%.
Most of the countries are in Europe and
Central Asia (6 of 14 countries, 42.9%),
Latin America and the Caribbean (10 of
20 countries, 50%) and Arab States (5
of 13 countries, 45.5%). Only Nepal in
South Asia and five Sub-Saharan African
countries (11.9%) were part of this group
of countries.

The incidence and intensity of poverty are
consistently higher in rural areas for all re-
gions. In Sub-Saharan Africa the intensi-
ties are substantially higher in rural areas,
where they differ by approximately nine
percentage points.

COUNTRY EXAMPLES

The starkest differences between rural and
urban poverty are in countries of Sub-Sa-
haran Africa. Nineteen of the 20 coun-
tries with the greatest differences in rural
and urban MPI are located in this region.
Burkina Faso, a country characterized by
a high rural population share (78.2%),
showed the greatest difference between
the rural MPI (0.604) and the urban
MPI (0.218). Angola’s difference between
its rural MPI (0.523) and its urban MPI
(0.145) is similarly pronounced, though
with a lower rural population share
(36.5%), which makes it the only Sub-Sa-
haran African country covered that has
more of its population in urban areas. Yet
it is the only country whose rural popu-

lation share is less than half (36.5%).

Comparing across countries can also elicit
some surprises. For example, South Sudan
and Niger are the two poorest countries

nationally, with MPIs of 0.581 and 0.591,
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TABLEV.2 MPI Poverty by Urban and Rural Areas

URBAN AREAS RURAL AREAS
Incidence | Intensity Incidence | Intensity
MPI MPI
(H) (A) (H) (A)
All Countries 0.036 8.1% 43.9% 0.179 35.5% 50.5%
East Asiaand the 0.01 2.4% 39.3% 0.042 9.5% 44.1%
Pacific
E\‘;{:pe and Central 0.003 0.7% 35.7% 0.016 4.0% 37.5%
Latin America and 0.016 41% 38.9% 0.094 21.2% 44.6%
the Caribbean
Arab States 0.036 8.2% 43.5% 0.158 30.0% 52.8%
South Asia 0.052 12.0% 43.1% 0.187 40.5% 46.1%
Sub-Saharan Africa 0.124 26.4% 46.9% 0.412 73.2% 56.3%

Rod Waddington | Flickr CC BY-SA 2.0
—— i
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respectively. However, the urban popula-
tion of Niger shows that 58% of people
live in poverty, similar to that of countries
like Senegal and Nigeria — and in its cap-
ital Niamey, the figure is 45.3%. But in
Niger’s rural areas it is 97% - higher than
all but the very poorest subnational re-
gions globally. In contrast 84% of urban
residents in South Sudan are multidimen-
sionally poor and 95% of rural ones. So
the difference is stark.

HOW IS RURAL POVERTY DIFFERENT
FROM URBAN POVERTY?

For each indicator in the MPI, the per-
centage of poor people globally who are
deprived in that indicator is greater in rural
areas than in urban areas. Rural-urban dif-
ferences are particularly pronounced in the
indicators for the living standards dimen-
sion, with Sub-Saharan Africa, South Asia,
and East Asia and the Pacific as the regions
with the greatest rural-urban divides.

While measuring the population that is
poor and deprived in each indicator is
informative, the global MPI can also be
decomposed by the contribution of each
of the ten weighted indicators to the over-
all MPI. The living standards indicators
contribute more to the MPI in rural areas
throughout all regions, with the exception
of electricity in Europe and Central Asia
and cooking fuel in Sub-Saharan Africa,
where the contributions to the overall
MPI in urban areas are marginally greater
than in rural areas. Nutrition, child mor-
tality and school attendance on the other
hand contribute more to the urban MPI
in almost all regions.

Once the contributions are weighted by
the respective urban and rural populations
in poverty, as can be seen in Figure V.1, we
find that the weighted contributions in all
indicators are greater in rural than in ur-
ban areas. In this figure, the height of the
bar indicates the number of poor people
experiencing this average composition of
poverty. Only in Latin America and the
Caribbean, the region with a substantially
lower rural population share, do nutrition
and child mortality contribute more to
the MPI in urban than in rural areas.

In an information age, an age of big data,
of rapid technological change, and one in
which the elite dwell in cities, the MPI
brings into focus ongoing real deprivations
experienced in rural areas. Nonetheless,
the global MPI is not a complete meas-
ure. Rural assets such as land and livestock
could not be incorporated due to problems
in data availability. And urban travails in-
cluding crime and violence, poor waste
disposal, congestion, and unemployment
are missing from the global MPI. But
while these deprivations could and will,
when data permit, be used to create a wid-
er-angle view on multidimensional pover-
ty, the deprivations and associated levels of
rural poverty reported here are acute, and
must be addressed.
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VI. Subnational Regions

WHY DISAGGREGATE - AND HOW?

The global MPI is disaggregated by dif-
ferent population groups: rural and urban
areas, age cohorts, and, as in this chapter,
subnational regions. The India case study
is disaggregated by caste and religion, and
other studies using the global MPI have
focused on disparities across ethnic groups
or persons who experience a disability.
The subnational disaggregation of the
global MPI allows us to identify the poor-
est regions in the world and see to what
extent people in these regions are being
left behind in the dimensions of health,
education, and living standards. This can
be useful for improving policy planning to
more precisely target areas most in need. It
can also yield surprising insights into the
complexity and variation of geographical
poverty traps not just across the globe, but
also within countries.

Disaggregation is only useful if it can make
inferences beyond the survey sample, so it

needs to be done with an understanding of
the constraints and limitations of the data.
In all disaggregated analyses, we follow the
survey report guidelines for disaggregation
in each country to ensure that the survey
was designed to allow for this type of anal-
ysis. We also check that the disaggregation
is valid for our own precise calculations,
given how we have treated the data. This
means that there are some countries for
which we can estimate a national-level
MPI but cannot further disaggregate at the
subnational level.

This chapter presents the 2018 global
MPI subnational estimation of poverty
and its composition for 88 countries and
1,128 subnational regions; Chapter 2 al-
ready presented insights across the 640
districts of India. Of the 105 countries
covered in the global MPI 2018, subna-
tional disaggregation was not possible for
17 countries.'

12. Three countries — Armenia, Bosnia and Herzegovina, and Saint Lucia — have sample sizes that are represent-
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ative at the national level but not at the subnational level. In 10 countries (Jordan, Kazakhstan, Republic
of Moldova, Montenegro, the State of Palestine, Serbia, Trinidad and Tobago, Tunisia, Turkmenistan and
Ukraine) the national MPI value is very low (MPI<=0.005). This renders impossible any meaningful sub-
national analysis for these ten countries. Furthermore, in four of the countries — Maldives, South Africa,
South Sudan and Vanuatu — the final number of observations used to estimate the MPI was below 85%
of the total observations in the datasets. In Maldives, close to 1/3 of the eligible women and children did
not provide information on their weight and height. This results in high missing observations for the final
nutrition indicator. In South Africa, some 16% of the individuals were identified as living in households
where there is lack of information on school attendance despite having a school aged child or children
living in those households. In South Sudan, close to 24% of the individuals were identified as living in
households where there is a child or children under 5 years, but those children lack nutrition data. Further-
more, close to 8% of the individuals live in households where eligible women did not provide information
on child mortality. In Vanuatu, the high non-response rate is associated with the lack of under-5 nutrition
information. A bias analysis was carried out across the subnational regions for these four countries. The
results indicate a subnational bias, hence ruling out these countries for subnational disaggregation.



DISAGGREGATION IN GLOBAL MPI 2018
A total of 1,128 subnational regions can
be assessed through the lens of the global
MPI. Many of these subnational regions
— 41% — are in Sub-Saharan Africa (458
regions). Europe and Central Asia is the
region with the fewest subnational units,
with a total of 41 regions or 4% of the
total subnational units in our analyses. In
addition, the analysis covered 243 subna-
tional regions in the Latin America and the
Caribbean region, 133 in the East Asia and
the Pacific region, 143 in the Arab States
region and 110 in the South Asia region.
In addition to these, India can be further
disaggregated by 640 districts, bringing
the total number of units to 1,768.

The countries with the highest number of
subnational regions are Nigeria (37), India
(36 states; 640 districts), Afghanistan (34),
and Indonesia (33). Countries with large
populations tend to have the highest sub-
national variations in terms of subnation-
al population size. In China, the Western
region is the least populated subnational
unit with 380.6 million habitants, whereas
the East/Coastal region, the most popu-
lated unit, is home to 178.9 million more
people (559.5 million). In India, the least
populated district is Lakshadweep with 80
thousand people, whereas the population
in Uttar Pradesh is more than 2,500 times
greater (207.1 million people). At a global
scale, the population size of the subnation-
al units ranged from 559.5 million people
in the East/Coastal region in China to 3.5
thousand people in Coronie, Suriname.
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INTRICATE VARIETY

National averages obscure subnational
variation.

Our subnational analyses reveal that there
is substantial variation in poverty within
all 88 countries covered in the analysis.
This pattern is observed in Chad, a coun-
try with the highest number of poorest
regions, as well as in Albania — a country
with one of the lowest shares of poor peo-
ple. In Chad, the survey data from 2014 to
2015 indicate that on average some 86%
of the population is poor. But by zooming
into the 21 administrative regions of the
country,' we find that poverty ranges be-
tween 48% in the capital city of N’Djamé-
na to 99% in Wadi Fira, a region located in
the eastern part of the country that shares a
border with Sudan. In Albania, on average
some 2% of the population is multidimen-
sionally poor. Across the four major subna-
tional regions of the country, the poverty
headcount is under 1% in the urban Tira-
na and coastal regions, but is slightly more
than 6% in the mountain region.

Notably, for most countries, a north-south
or east-west divide is apparent. In the land-
locked country of Mali, average poverty is
78%. Within the country, poverty in the
southern capital city of Bamako is 30%,
but it is three times higher in the region
of Timbuktu up north. In Indonesia, pov-
erty is as low as 2% in the metropolitan

city of Jakarta, but as high as 45% in the

13. It should be noted that there are 23 adminis-
trative regions in Chad. However, in the Chad
DHS 2014-2015 survey, the regions of Borkou
and Tibesti was grouped into one area of study,
and the regions of Ennedi West and Ennedi
East was grouped into a single region.
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eastern province of Papua. On average,
some 7% of Indonesians are identified as
multidimensionally poor. The geographic
trend is also apparent in upper middle-in-
come countries such as Belize. The country
with the lowest population density in Cen-
tral America has subnational poverty rates
ranging from under 1% in Belize City to
18% in the southern region of Toledo, de-
spite recording a nation-wide average of

4% poverty.

Disaggregating by subnational region can
highlight pockets of poverty in otherwise
less poor countries. For instance, Uganda
has an MPI of 0.279, much less than that
of the poorest countries like Chad (0.535)
and South Sudan (0.581). However, the
region of Karamoja in Uganda is poorer
than either of these countries, with an MPI
of 0.631 and 96% of its population iden-
tified as multidimensionally poor. A simi-
lar situation is found in Indonesia, where
the value of the MPI (0.021) is lower than
the Philippines (0.038), but the region of
Papua has an MPI of 0.216 and 44% of
the population live in multidimensional

poverty.

In contrasting fashion, there are some poor-
er countries that have less poor regions rep-
resenting pockets of progress. The clearest
examples are Lagos in Nigeria and Yaounde
in Cameroon. According to the MPI, Ni-
geria (0.294) and Cameroon (0.244) are
among the 30 poorest countries, and they
are even poorer than a number of countries
categorized as ‘least developed’ by the Unit-
ed Nations. Lagos, however, has an MPI of
0.034 and 2% of its population lives in mul-
tidimensional poverty. Similarly, the MPI in
Yaounde is 0.015 and the headcount ratio
is 4%. While the MPI in India is 0.121,
we observe remarkable progress in Kerala

73

(0.033) and Lakshadweep (0.056) in coun-
terpoint to the scale and intensity of India’s
remaining MPI poverty. In both states, less
than 2% of the population lives in multidi-
mensional poverty, which is comparable to
the situation in Lima (Peru), Grand Casa-
blanca (Morocco), and Suez (Egypt).

These sets of analyses indicate that national
averages often obscure the important varia-
tion that is found at the subnational level.

Variation in the major regions of the
world.

In Chapter 4, we identified that in this
decade, a higher share of the multidimen-
sionally poor live in Sub-Saharan Africa
than in any other of the major regions of
the world. Interestingly, this region also
has the greatest variation in its subnation-
al poverty. The region of Lagos in Nigeria
has an MPI of just 0.010, and the district
of Lac in Chad has an MPI of 0.711.

Similarly, significant variation is also ob-
served in the Europe and Central Asia
region, which on average has a very low
share of multidimensionally poor people.
In this region, MPI ranges between 0.077
in the region of Khatlon in Tajikistan to
zero in Bishkek City in Kyrgyzstan.

In East Asia and the Pacific, home to the
fastest growing economies, the poorest
region located in the Lao People’s Dem-
ocratic Republic has an MPI of 0.391,
while it is zero in Bangkok. Of the poorest
20 subnational regions within East Asia,
16 are located in the fertile region of the
Mekong Delta. The other four are located
in Timor-Leste, a country that gained its
independence in 2002, making it the first
sovereign state born in the 21st century.



The poorest and most prosperous regions.

The poorest subnational region out of all
1,128 regions is Lac, located in Chad. For
example, 98% of the 763,000 inhabitants
of Lac are identified as multidimensional-
ly poor. On average, each poor person in
Lac is deprived in nearly 73% of the MPI
indicators, which also makes it the region
with the highest intensity of poverty. Fur-
thermore, eight of the ten poorest regions
of the world are in Chad and two are in
Burkina Faso.

The least-poor regions are the city of
Kingston in Jamaica, Bishkek City in
Kyrgyzstan, and Bangkok in Thailand. A
common factor between the ten least-poor

Stevie Mann / ILRI| Flickr CC BY-NC-SA 2.0
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regions of the world is that these are all
either the capital or major cities of their
country. Furthermore, four of the ten
multidimensionally prosperous regions are
located in the Latin America and the Car-
ibbean region.

Interestingly, pockets of progress and
pockets of poverty may be closer than one
would imagine. While Karamoja in Ugan-
da is a conspicuous poverty pocket, 6% of
the population in Kampala lives in multi-
dimensional poverty, and the value of the
MPI in this region (0.026) is similar to that
of Mexico (0.025), South Africa (0.023),
and Colombia (0.021) at the country level.
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GLOBAL MPI AND MONETARY POVERTY:
COMPLEMENTS, NOT SUBSTITUTES

Are people who experience multidimensional poverty also identified as poor by
monetary measures? Not necessarily. The case of Sylhet, a subnational region in
Bangladesh, provides a useful example.

Sylhet is the poorest region in Bangladesh according to the MPI, with more than
62% of its population suffering from multidimensional poverty in 2014. However,
in the 2010 Bangladesh Household Income and Expenditure Survey, Sylhet
already was one of the least poor regions according to the cost of basic needs
(CBN) method (upper line), with only 28% reported as poor', and by 2016 Sylhet
was second least poor with a headcount ratio of 16.2%. Furthermore, in 2016
Sylhet has the lowest poverty gap (2.6%) and squared poverty gap (0.7%) in the
country. Thus taking a purely monetary approach to poverty would not suggest
the high levels of non-monetary poverty.

What explains this difference? Sylhet has large numbers of emigrants, primarily to
the United Kingdom and other developed countries. They send back remittances
to their families in Bangladesh. According to the Survey on Investment from
Remittance 2016, the average amount of annual remittances per household in
Sylhet (US$4282) is the second highest after Dhaka ($4625). Furthermore, from
2013 to 2015, Sylhet’s remittance income grew at the fastest rate (76%) among
all the regions of Bangladesh. Yet, these remittances do not, as of yet, seem to
have lessened the other deprivations experienced in Sylhet, which require more
structural improvements and coordinated policy action.

Multidimensional and monetary measures capture different experiences. By using
them together as complements, we can obtain a more complete picture of the
lives of the poor and better recommendations for policymaking.

1. See here. Note that the World Bank’s $1.90/day measure cannot be disaggregated subnationally, and this is
the most recent available official monetary measure of poverty.
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FIGUREVI.1T MPIand Monetary Poverty in Bangladesh
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COMPOSITION OF POVERTY:

A SUBNATIONAL ANALYSIS

Looking at subnational data can also show
how the ways in which people are poor
differ within countries. These differences
in composition of poverty imply differ-
ent policy responses by national govern-
ments for different districts are needed.
Even subnational regions with relatively
similar levels of poverty can have different
compositions of poverty. In Malawi, the
Mzimba region has an MPI of 0.164 and
the Thyolo region has an MPI of 0.239,
both in the middle of the range across
subnational regions. However, the con-
tribution from malnutrition in Mzimba
is more than a quarter — double that of
Thyolo, while the years of schooling in-
dicator contributes 18.5% in Thyolo and
only 5.4% in Mzimba. In general, the liv-
ing standards indicators tend to be more
similar across subnational regions, while
health and education indicators tend to
show more variation.

In Egypt and Viet Nam, the average pro-
portion of people who experience mul-
tidimensional poverty is close to 5% for
each country. In addition, the average na-
tional MPI and intensity value is also very
similar. Subnationally, there is substantial
poverty variation within both countries.
In Egypt, across its 26 subnational re-
gions, MPI ranges between 0.043 in Ma-
troh to as low as 0.001 in Port Said. In
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Viet Nam, MPI ranges between 0.041 in
the Central Highlands to as low as 0.004
in the Red River Delta region. Despite the
similarities in the national average and
subnational poverty figures, the geograph-
ic poverty trap is different between both
nations. In the poorest region of Egypt,
worryingly the weighted deprivation in
school attendance contributes 45% to
overall MPI poverty. In the poorest region
of Viet Nam, this is only 17%.

In Timor Leste, MPI ranges between 0.093
in Dili, the capital city, to 0.322 in Oecussi
located in the western part of the island.
The highest contribution to MPI for both
regions as well as all other regions within
the country is from malnutrition. This
suggests that a national policy response
to mitigate stunting among children and
malnourishment among children and
adults would be favorable in the poorest
and least poor regions of the country.
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Conclusion and Next Steps

The global MPI 2018, although data con-
strained, provides a headline figure and an
associated information platform, enabling
comparisons of multidimensional poverty
to a degree no other measure at present
permits. A closing example encapsulates
how the MPI moves from a national head-
line to an information platform. Using
2015/16 data, India has an MPI of 0.121,
depicting lower levels of multidimensional
poverty compared to Bangladesh’s MPI of
0.194 (which uses 2014 data). The glob-
al MPI permits us to zoom in on adjacent
regions. In Rangpur, Bangladesh, the pov-
erty rate according to data collected 28
June to 9 November 2014 amounts to
45.2% and the MPI is 0.201. In neighbor-
ing West Bengal, India, where data were
collected 25 February to 21 July 2015 the
figures are considerably lower: 26% and
0.109. Yet in West Bengal, 26 million
people are poor whereas in Rangpur, the
figure is 8.2 million. Looking at the com-
position of poverty by each of the ten indi-
cators, the percentage of the people living
in each of these regions who are poor and
experienced child mortality is roughly the

same. However, in eight indicators Rang-
pur shows higher deprivations. Differences
are particularly stark in the case of electric-
ity, with 34% of people in Rangpur being
MPI poor and lacking electricity and only
4% in West Bengal. In contrast, water dep-
rivations are vanishingly small in Rangpur
whereas in West Bengal nearly 5% of peo-
ple are MPI poor and lack access to safe
drinking water. Acute multidimensional
poverty affects one-quarter to 45% of peo-
ple in both regions and must be addressed.
But the shape of poverty differs, and the
composition of the MPI provides insights
— which can be complemented with other
information — on how to match policy pri-
orities to pressing deprivations.

Naturally not all comparisons can be as
precise as this: data on neighboring coun-
tries may differ by several years, an indi-
cator could be missing, or disaggregation
by region may not be permitted. But in-
terpreted with data constraints in view, the
detailed picture of the world’s poorest peo-
ple the global MPI provides could spark

concerted and informed action.

TABLE C.1  The MPI Information Platform for Subnational Regions
. World Population MPI MPI Hof the | Aof the | Vulnerability SR
Country | Region region Survey Year share of ofthe | ofthe region | region | (20-33.29%) poverty
9 the region | country | region 9 9 : (50%)
Bangla- | g ongpur | UM | pHs | 2014 12 0194 | 02 452 445 234 106
desh Asia
India | Vest | South | npe T oo1s/16 7.6 0.121 0.1 26.0 419 196 37
Bengal Asia
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So first and foremost, this report seeks to
provide evidence that ignites ongoing in-
teraction, improvement, and engagement
among those intending to engage, so we
learn together and join efforts to fight pov-
erty in all its dimensions.

SOME NEXT STEPS

In that spirit, it seems apt to communi-
cate to the interested community some
other resources that are available now or
are under construction. The results in this
report reflect only a fraction of the infor-
mation that might be obtained from the
2018 data tables carried on both UNDP
and OPHI websites. For example, for sim-
plicity, aggregates use point estimates in
this document. But the data tables share
standard errors and confidence intervals
— and these matter. For example, it could
be asked, “Do more poor people live in
Sub-Saharan Africa than South Asia?” to
which the answer is, “We do not know.”
Hence, this report’s observation that sim-
ilar numbers of poor people live in both
regions. To be precise, aggregating across
the 95% confidence intervals for each
country reveal that in South Asia between
531 and 561 million people are MPI poor,
and the total in Sub-Saharan Africa is be-
tween 539 and 573 million. The Atkinson
Commission on monitoring global pover-
ty recommended that conventions change
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academic work is encouraged to include
these. To take another example of infor-
mation available in the data tables, global
aggregates must select which year of pop-
ulation to use. This report uses 2016, but
as conventions and the purposes of analy-
sis vary, the data tables provide the “year
of the survey” population, as well as 2015
and 2016 population data; so the authors
of academic papers might easily explore
findings using alternative years.

In terms of a wider set of findings as well
as a fuller analysis of the global MPI 2018
revisions, emerging papers document ad-
ditional empirical and technical features
of the global MPI and its analysis. The
conceptual justification of the revised
MPI structure is articulated with respect
to human development, capabilities, and
the SDGs, and new principles governing
internationally comparable multidimen-
sional poverty measures are proposed

N Nutrition

CM  Child mortality

YS  Years of schooling
SA  School attendance
CF  Cooking fuel

S Sanitation

DW  Drinking water

. . E Electricity
away from point estimates to ranges, so all ,
Housing
A Assets
Censored Headcount Ratio
Number of | Population Total
MPI poor 2016 N ™M YS SA S DW E H A indicators
(1000s) (1000s)
8,263 18,271 255 1.6 26.1 7.0 452 326 0.1 34.0 444 252 10
25,966 99,995 18.3 14 129 31 253 21.8 4.8 39 234 9.5 10
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(Alkire and Jahan 2018). Self-critical em-
pirical tests of every indicator revision
were undertaken, and over 20 additional
trial MPIs using alternative indicators were
computed and analyzed (Alkire and Kana-
garatnam 2018). Another paper outlining
the results of the global MPI enables us to
answer questions like: How many people
would be poor in 2018 according to the
original MPI specifications? (1.39 billion).
Or, how would global figures change if we
used only child stunting in the nutrition
indicator? (1.32 billion instead of the 1.34
billion) (Alkire, Kanagaratnam, Mitchell,
Nogales and Suppa 2018). A study on In-
dia also compares India’s state-level mone-
tary and MPI values, considers state-level
GDP growth, and analyses changes over
time by caste and religious group with-
in each states, to explore finer degrees of

pro-poorness (Alkire, Oldiges and Kanaga-
ratnam 2018). An assets paper implements
nearly 30 asset indices as well as many
technical analyses of the chosen asset index
specifications (Vollmer and Alkire 2018).
Another paper articulates precise data pos-
sibilities and limitations for 100 countries,
not only for the global MPI revisions but
also for generating comparable child MPIs
and women’s MPIs in the future.

The sheer volume of computational work
underlying this report was significant.
Every country’s MPI was recomputed from
the original micro data, in a harmonized
form, which was then checked, double-
and triple-checked for accuracy. The de-
tailed algorithms (Stata do-files) underly-
ing the global MPI 2018 for each country
will be posted online later in 2018. And
it is our hope that this will lead to more
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engagement with the MPI by experts and
academics in policy analysis.

Other products are in process. Estima-
tions for 15 additional countries whose
datasets were fielded in 2003-2005 will
be released. The original MPI covered 120
countries and included estimations from
these datasets. Those will be completed
so that the new MPI likewise will enjoy
that coverage, even as we strongly hope for
more recent datasets.

A second avenue of work is to harmonize
datasets over time, as was done previous-
ly for 50 countries (Alkire, Roche and
Vaz 2016), in order to be able to extend
the kinds of analysis done here for India
to many more countries. The amount of
work required to harmonize every indica-
tor definition over time — nationally and
for strictly comparable disaggregated units
— by indicator as well as MPI, H, and A, is
quite considerable. Yet the deeper insights
into effective actions to fight poverty that
the eventual dataset will permit, in terms
of analyses of micro-, macro-, and mul-
ti-level determinants of change in multi-
dimensional poverty, may be well worth
the effort.

Another new frontier is the individual in-
formation that is linked to the global MPI.
In that regard, one associated study using
the global MPI 2018 focuses on child
poverty in South Asia. It analyses individ-
ual children’s contribution to three indi-
cators: nutrition for people 0-5, school
attendance, and years of schooling for
children 10-17. It is possible that studies,
for example, of out-of-school children,
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can be usefully enriched by a) contextu-
alizing these children within their house-
holds — seeing whether all children in a
given household are out of school or only
some, for example, and whether others in
their household have completed six years
of schooling, and b) contextualizing these
deprivations among others — what propor-
tion of out-of-school children live in MPI
poor households? And are there common
patterns of deprivation that households
with out-of-school children have? While
these questions have been asked in the lit-
erature in a myriad of ways, the MPI can
vividly share this information as a starting
point for analysis, across many countries,
at times with disaggregated detail.

CONCLUSION

In 2018, UNDP and OPHI revised and
produced the new global MPI some of
whose results are shared in this report. If
we look at the average MPI across all the
105 countries for which the global MPI
was computed, it is 0.117. This means
that, on average, the 1.3 billion MPI poor
people experience 11.7% of the depriva-
tions that would be experienced if all 5.7
billion people were multidimensionally
poor and were deprived in all dimensions.
Why is this important?

A lead story in this report is India. It is
the only country at present with strictly
harmonized data on changes in MPI over
time (others are forthcoming). Afteradec-
ade of impressive progress India’s 2015/16
MPT stood at 0.121. This makes India the
country whose MPI is closest in value to
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the population-weighted MPI across all
countries of 0.117. So in some sense, In-
dia can be seen as a global representative
of the developing regions and the acute
multidimensional poverty they yet con-
tain. The pressing question — for India as
for all the developing regions covered — is
whether rates of progress similar to those
India demonstrated 2005/6-2015/16 will
be realized in the ensuing years.

If they are, then, when the SDGs close in
2030, the global MPI will show progress
on reducing poverty in all its forms, as
considered by SDG indicators in Goals
1,2, 3,4,6,7,and 11. Indeed, consider-
ing that the population-weighted average
year of global MPI 2018 is part way into
2014," the global MPI 2018 reflects, in a
sense, a baseline for those left behind in
several of these SDGs, taken on the eve
of 2015.

If they are, then when the global MPI is
considered at the close of the Third Dec-
ade of Poverty, 2018-2027, it is likely to
document a success.

If they are, then integrated and multisec-
toral policies will probably have been ef-
fectively deployed. And because the global
MPI will continue to profile disaggregat-
ed poverty levels for the poorest groups,
it is likely that if progress is leaving these
groups behind, this will be observed and

could be redressed.

14. The median year of the 105 included countries is
2014.5; the population-weighted year is 2014.2;
the poor-population weighted year is 2014.4.
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Achieving such a step-change in the land-
scape of multidimensional poverty requir-
es far more than mere measurement. It re-
quires apt policy analysis. It requires steady
and consistent attention by those work-
ing in governments, civil society organi-
zations, international agencies, and social
movements. And it requires innovative
leadership by persons in the private sector,
by philanthropists, and, most of all, by
poor people and their communities. Our
hope is that the global MPI 2018 and the
detailed picture of multidimensional pov-
erty it paints will, as it is updated across the
coming years, be a useful tool to help end
acute poverty in all its forms.
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Annex

Calculating the Global Multidimensional
Poverty Index: 2018 Revision

In 2018, five indicators of the global Mul-
tidimensional Poverty Index (MPI) were
revised to better align with the Sustain-
able Development Goals (SDGs). The
methodology remains unchanged and is
described below. The MPI is calculated us-
ing the Alkire-Foster (AF) method, which
consists of counting the simultaneous
deprivations that negatively affect a per-
son’s life — see Alkire and Foster (2011) for
a complete explanation. The AF method
uses individual deprivation scores to iden-
tify multidimensionally poor people. The
percentage of people living in this condi-
tion and the intensity of their average dep-
rivation score are combined in the value of

the MPL.

METHODOLOGY

Using the AF method, the MPI reflects
simultaneous deprivations in the ten in-
dicators that were chosen based upon
principles of international comparability,
accuracy, and parsimony. The brief expla-
nation provided here follows the nota-
tions and definitions in Alkire and Foster
(2011), except that weights are expressed
in percentage terms and sum to one.

In order to identify whether or not a per-
son is deprived with respect to each in-
dicator, a deprivation cutoff is set for each
indicator. This enables the creation of a bi-

87

nary deprivation profile for every person,
in which each indicator takes the value of
one if that person is deprived according to
the indicator deprivation cutoff and zero
otherwise. For instance, any person living
in a household where no member aged
ten years or older has completed six years
of schooling is deprived in the years of
schooling indicator, and thus is assigned
a value of one in their deprivation profile.
Conversely, any person living in a house-
hold where a least one person aged ten
years or older has completed six years of
schooling is not deprived in this indicator,
and thus is assigned a value of zero in their
deprivation profile for years of schooling.

Once the deprivation profile is created
across ten binary variables for each per-
son, it is weighted by the deprivation val-
ue (weight) of each indicator. The depriva-
tion value of each indicator reflects

1. the roughly equal importance given to
each one of the three dimensions in the

MPI (1/3 each), and

2. the roughly equivalent importance of
each indicator within each dimension
(two in health, two in education, and
six for living standards). Each indica-
tor in the education and health dimen-
sions is assigned a deprivation value of
1/6, and each of the six living standards
indicators obtains a weight of 1/18.
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The weighted deprivations are summed
to create each person’s deprivation score
denoted as ¢, indicating the proportion of
weighted deprivations that person experi-
ences. The deprivation score ¢ is defined
to take values ranging between zero (in-
dicating that the person does not experi-
ence any weighted deprivation) and one
(indicating that they experience weighted
deprivations in each of the ten indicators).

In order to identify the people who suffer
multidimensional poverty, the deprivation
score ¢ is compared to the poverty cutoff
k. For the global MPI, the cutoff takes a
value of 1/3. Every person with a depri-
vation score ¢ equal to or greater than 1/3
(or 0.3333) is identified as multidimen-
sionally poor.

Once the poor people are identified, the
MPT is computed as the product of two
measures: the multidimensional head-
count ratio and the intensity of multidi-
mensional poverty. The headcount ratio,
H, is the proportion of the population
who are multidimensionally poor:

H-=

:vl =

where ¢ is the number of people who are
identified as multidimensionally poor and
n is the total population.

The intensity of poverty, A, reflects the
proportion of the weighted indicators in
which, on average, multidimensionally
poor people are deprived. To compute 4,
the weighted deprivation scores ¢ of all poor
people (and only poor people) are summed
and then divided by the total number of
multidimensionally poor people (¢):

A=L ic

7T

To make visible different intensities of
deprivation, two additional poverty cut-
offs are reported for the global MPI. Every
person with a score ¢ between 1/5 and
1/3 is identified as belonging to a band of
people who are still vulnerable to mul-
tidimensional poverty. And every person
with a score ¢ of 1/2 (or 0.5) or greater is
identified as (both MPI poor and) living

in severe multidimensional poverty.
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